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ABSTRACT

PHILLIP H. KIM: Organizing Activities and Foundingrocesses of New Ventures
(Under the direction of Howard Aldrich)

In this dissertation, | examine three aspectggéwizational emergence: composition
of founders’ support networks, acquisition of ertdrorganizational knowledge, and a multi-
dimensional approach to identifying emergent orgatmns. | draw on organizational, social
capital, human capital, and social exchange thedoielevelop my hypotheses. Based on a
random sample of nascent entrepreneurs in the d)8ii@es, | found that founders rely
heavily on their strong ties to solicit supporteukeir specific human capital to guide their
acquisition of external knowledge; and follow uregqounding processes that differ across

industrial groups.
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CHAPTER 1: INTRODUCTION

A significant proportion of working adults in thenlted States are likely to start new
business during their working careers. Every yapproximately four to six percent of the
labor force engages in activities to start new messes (Reynolds and White 1997). Over
their lifetimes, nearly 40 percent of the workingpplation have some type of
entrepreneurial experience (Aldrich and Ruef 2086)ty-six percent of adults come from
families where the heads of households started thai businesses and 58 percent of adults
are interested in starting their own business sdaye(Steinmetz and Wright 1989). In spite
of their aspirations to start successful busingssest entrepreneurs encounter difficulties in
their founding attempts.

In his seminal essay, Stinchcombe (1965) outlimexidonditions associated with the
failure of new organizations. He argued that nemdifacdiabilities of newnesslue to
poorly established inter-organizational networkd difficulties in developing their
organizational infrastructure. New firms are fagéth challenges of expanding their
networks beyond a close circle of kinship ties.eBtablish their organizational infrastructure,
new firms are limited to their founders’ personablledge or must find ways to acquire the
necessary expertise. As a result of these conditionnders in new firms encounter a higher
rate of failure than more established firms.

Stinchcombe (1965) built his argument based oraisemption that new firms have

been created and already exist. In my dissertatiexamine whether Stinchcombe’s (1965)



argument also applies to the emergence of new firasfine emergence as the period

during which founders take active steps to tramsftireir business concepts into viable new

organizations. | explore how the conditions for libilities of newnesaffect founders as

they organize their new businesses. Specifichilwestigate whether the two liabilities that

Stinchcombe (1965) outlined — poorly developed et and lack of organizational

knowledge — apply to founders in the following tvésearch questions:

1. How do founders form their support networks fromakhto solicit assistance, advice,
and other forms of backing during the start-up pss@

2. How do founders acquire organizational knowledgsupplement what they already
know through their prior training and experiences?

Organizations scholars who rely on Stinchcombesstétical foundations have
usually adopted his assumption of new firm existencdheir empirical work (e.g., Carroll
and Hannan 2000). Scholars in this tradition caarsikde creation of new firms as discrete
events and focus on survival rates throughout tiieeclifecycle of populations. Rather than
viewing firm foundings as discrete events, | prapteating firm creation as a process of
emergence. From this perspective, | focus on aitduntensional approach to identify
emerging organizations. As a third research gomestiexplore how founders’ organizing
milestones reflect properties in emerging orgaronast

Researchers who study new firm creation as an emepgocess face three major
empirical challenges. First, to minimize the impaicsurvivor bias, researchers will need to
employ a sampling strategy that identifies foundard their emerging firms early in their
formative process. By employing this strategy, aeslieers can track founders who establish

successful firms along with those that fail. Secdodassess how founders’ characteristics



influence their ability to start new ventures, @asters should collect adequate background
measures of founders once they and their ventues lbeen identified. Third, to analyze
firm creation as an emergent process, researchiérgguire information on the new
ventures and their founders over time. A longitatiresearch design enables researchers to
determine whether critical events in the emerggmoeess influences new firm
establishment. Researchers can also assess hogesharfounders’ characteristics and their
environment play a role in different stages ofshat-up process. To address these three
empirical challenges, researchers must employgitlotinal research design that captures
both individual and firm-level characteristics otihders and their emerging firms.
[INSERT TABLE 1.1 ABOUT HERE]

In previous research, scholars have relied primmanlindividual-level data sources
to examine how individuals transition into entrepership. In Table 1.1, | review four types
of individual-level data sources in the United 8¢atio highlight their strengths and
weaknesses. In the first category, researchersdreslgzed panel data such as the National
Longitudinal Survey of Young Men, National Longitndl Survey of Labor Market
Experience, and Panel Study of Income Dynamics, (Evgns and Jovanovic 1989; Fairlie
1999). Taking advantage of their longitudinal desitpese researchers have tracked
individuals over significant portions of their cars to understand what factors promote their
transitions into entrepreneurship. However, thesepdes are limited to cohort-related
restrictions in gender, age, and race of the redgats. For example, Evans and Leighton’s
(1989) study using National Longitudinal Surveyyaung Men was restricted to a cohort of

white men between the ages of 14 and 24 in 1966.



Researchers have also relied on cross-sectioresetat For example, researchers
have used Internal Revenue Service tax recorddJ&ndCensus Current Population Surveys
to explore the impact of inheritances and earnpagential on transitions to entrepreneurship
(Devine 1994; Fairlie and Meyer 1996; Holtz-Eakloulfaian, and Rosen 1994). However,
researchers using these government-sponsored dasade limited by the lack of
demographic information on entrepreneurs and erteoligh non-response rates in these
data sources (Devine 1995). Other researchersusaethe General Social Survey (GSS),
which contains considerable demographics and tthekground information (Butler and
Herring 1991; Hout and Rosen 2000).

Scholars have also relied on individual-level infiation within data sources based
on firm-level sampling strategies. For example eB41997) used small business datasets,
such as the Characteristics of Business Ownersiggped by the United States Census) to
explore the impact of founders’ financial and hursapital on their transitions to
entrepreneurship. These large datasets providermdsss information across multiple
industries. However, due to their sampling desagalyses performed with these data are
biased towards existing businesses. Without inftionaon failed business, these datasets are
more appropriate for understanding the nature tabéished business rather than analyzing
how firms emerge.

Although the studies in Table 1.1 provide someghts into how founders’
backgrounds affect their entry into entrepreneyrstasearchers using individual-level data
are limited in their ability to explore the processassociated with the emergence of new
businesses. With individual-level data, firm estibhent is often treated as a single,

dichotomous outcome. For example, by using anmagl@/ment status information,



researchers can identify spells of entrepreneurghipng these spells, researchers assume
that founders have established new firms when tepgrt self-employment (and have
abandoned their businesses when not self-emploBgdgssuming entrepreneurial entry as a
dichotomous outcome, researchers cannot investigatsteps founders undertook during the
process of starting the new business.

In my dissertation, | analyze the Panel Study dfépreneurial Dynamics (PSED), a
dataset designed to address the challenges assbwiih examining founders and the
emergence of their new ventures. The PSED wasmssip identify individuals from a
random sample of adults in the United States whorted that they were in the early stages
of starting new businesses. In order to selecetiredividuals, referred to amscent
entrepreneursthe PSED used a multi-stage sampling approaclketite a sample of 830
nascent entrepreneurs to represent the four feesoent of the US adult population that start
new businesses annually (Reynolds and White 199§ PSED contains information on
both founders and the businesses they starteddBesa longitudinal survey design, these
data were collected in four waves between 1998&08. Additional methodological details
about the survey design are provided in Gartnat. €2004b).

The PSED provides opportunities to overcome marth@fimitations that | have
highlighted in Table 1.1. First, by specificallyertifying nascent entrepreneurs and tracking
their progress over time, the PSED minimizes sunvbiases associated with datasets that
are restricted to businesses that are more advamdtleeir development. To ensure this
distinction, the PSED relies on a multi-part defon to qualify individuals as nascent
entrepreneurs. Second, by interviewing nascenepreneurs, the PSED contains

comprehensive information on founders’ backgrousnts the nature of the businesses they



started. The PSED also over-sampled women and it@soto enhance the quality of the
data for these respective groups.

In addition to collecting respondents’ backgrounfimation, the PSED also asks
respondents to provide information on other coltabms who have assisted in the
development of their new businesses. This unigatife of the PSED allows researchers to
explore how and to what extent founders work coafpezly with others in building new
organizations. The PSED contains information on ¢at@gories of collaborators: owners
(team members who have equity in the planned venaurd helpers (individuals who
provide advice, services, or other forms of suppdémtaddition to their background
information, the PSED asks respondents to destitdaature of their relationships with
these collaborators. Given its longitudinal destpe, PSED captures changes in ownership
and helpers over the successive waves of datactiolie These ego-network data enable
researchers to bridge together individual-levell@xations of entrepreneurial entry and firm
creation within the context of their local sociatworks.

In developing my arguments of founders’ social reks, | assume founders face
three constraints in developing their social neksqKim and Aldrich 2005). First, founders
tend to associate with others that share similaradteristics. Due to their preference
towards homophily, founders will likely lack sigimént diversity in their networks (Blau
1977). Second, founders are guided by social bateslthat channel their relationships. Due
to their family relations, involvement in religioasd ethnic communities, and participation
in other organized aspects of their social livesntlers will be less likely to pursue
relationships that cuts across these boundariePllson, Popielarz, and Drobnic 1992).

Third, as humans with finite capacities, foundetit settle for less than optimal choices.



Faced with bounded rationality, founders may asjoiré&ut will unlikely build and maintain
support networks, such as one designed by a netavalyst, that maximizes their full
potential (March and Simon 1958). Based on thesetassumptions, | develop my
argument that contrasts a more strategically-cegeperspective in which founders take
steps to build and benefit from favorable netwashkfggurations. | use founders’ social
network information from the PSED in two ways. Eitautilize the relationship information
between founders and their helpers to examine lbowders form their support networks.
Second, | investigate the types of contributionsleniay the collaborators to assess how
founders secure entrepreneurial knowledge.

Another important feature of the PSED design waastorespondents to describe
their business ventures in significant detail. Resjents reported progress on their start-ups
by providing information on various start-up adi®s$, such as completing a business plan,
generating revenues, and developing the produciteeiRespondents also provided timing
information if these start-up activities were cogtpt. | relied on this section of the PSED to
examine what types of processes new firms folloagthey emerged into established
organizational entities. By having both individaald firm-level data in the PSED, | was able
to explore how founders’ characteristics, bothviaiially and their collaborators, impacted
the progress they made with their new ventures.

The dissertation is organized into three substarthapters. Each of these chapters
follows a stand alone, article-style format. Witleiach chapter, | propose a specific set of
hypotheses, describe methodologies, and discuskistda Chapter 2 (Too Close for
Comfort), | explore the characteristics of foundstgport networks. Using social capital

and social exchange theories, | explain why fousidee more likely to work closely with



their strong ties and only selectively with weakl amdirect ties. In Chapter 3 (Rounding out
the Team), | investigate how founders acquire eslesrganizational knowledge. | use
human capital theory to argue that founders’ hupapital guides their acquisition of
general and specific knowledge. | also draw onadaezipital theory to describe how founders
acquire knowledge through relationships developdtieir previous training experiences. In
Chapter 4 (Open for Business), | propose a muthiedisional, process-based approach to
identifying emerging organizations. | treat orgaianal emergence as a latent variable with
three dimensions: goal orientation, boundedneskjrdaar-organizational exchange. |
conclude with a final chapter that summarizes mipary findings, discusses limitations of

the study, and outline extensions for future regear



CHAPTER 2: TOO CLOSE FOR COMFORT - STRONG TIES IN SUPPORT

NETWORKS OF NEW VENTURES

INTRODUCTION

Founders must overcome considerable obstaclesstoetheir new organizations’
survival. Faced withiabilities of newnesgounders need to deal with their nascent firms’
resource constraints, lack of legitimacy, and caitipe threats (Aldrich and Ruef 2006;
Carroll and Hannan 2000; Stinchcombe 1965). Toanree these hurdles, founders can
solicit support during early stages of new ventdires their networks of relationships
(Reynolds and White 1997). Without resources te Bxpert consultants or talented
employees, founders may turn to their support netsvto find cost-effective solutions to
address their short-term needs, such as extermelossl who can provide technical advice,
make introductions to key individuals, and factitaccess to financial and physical
resources (Hite and Hesterly 2001). In this chaptexplore how and under what conditions
founders form their support networks and whetheirtsupport sustains their start-up efforts.

Based on social capital theory, | argue that foumdan develop their support
networks in two ways. They can call upon their eltiss to form dense networks of
overlapping relationships. In these networks, dattsure allows efficient transmission of
information among actors and establishes mechartism®mote trust and enforcement of
social norms (Coleman 1988). Alternatively, foursderay act strategically to identify

individuals with whom few relationships would owaglin their support networks. With more



distant ties, these individuals enable foundedeteelop networks with greater range (Burt
1992). Founders can access new information andires® through these network brokers,
who act as bridges to other dense local networkan@etter 1973).

Given the potential benefits of both approacheasndiers might prefer to build a
portfolio of relationships that combines both clasel distant ties (Baker 1990; Reagans and
Zuckerman 2001). However, despite these intentimusder will likely be constrained by
the types of relationships in which they are emieeldéh explaining his liability of newness
argument, Stinchcombe (1965) reasoned that founersw organizations are vulnerable to
the inefficiencies of relying on close friends dachily and the risks of depending on
untested relationships with strangers. If foundehg on their direct ties, they enjoy
reciprocity and other benefits of network closiBat due to overlapping relationships, a
direct tie strategy limits the development of nelaships with greater network reach
(Renzulli, Aldrich, and Moody 2000). If strangere @ursued and successfully recruited,
founders still need to weigh their contributionghntihe risks of opportunism and other
uncertainties from parties with whom no prior redaships exist (Aldrich 2006; Williamson
1981).

Confronted with these limitations, do founders fawone approach over another to
build their support networks? Drawing on sociallexge theory, | argue that founders will
prefer to work more closely with their establishies (Blau 1964; Ekeh 1974; Lévi-Strauss
1969). With mutual trust and understanding in plécenders have the ability to solicit
various types of support from their direct tiesheiit being compelled to reciprocate
immediately. In contrast, founders who recruit maistant ties do not have established

working relationships in place. The two partiesl wéded to negotiate prior to their

10



collaboration in order to define the context ofitmelationship. Due to upfront investment
costs, founders may be more cautious when purgbasg new relationships.

In the following sections, | describe how foundeesefit from their support
networks. Based on social capital and social exphdmeories, | then develop a set of
testable hypotheses for how founders develop thugiport networks. | test these hypotheses
using the Panel Study of Entrepreneurial Dynanft&HD), a nationally representative
random sample of nascent entrepreneurs who arebovorking to start new businesses. |
find evidence that confirms founders’ preferenaeworking with established ties in their
support networks. However, founders who rely hgawil direct ties are more likely to
abandon their start-up efforts.

THE ROLE OF SUPPORT NETWORKS

Founders form external support networks for seueadons. Typically operating
with limited resources, they look to their exteraapport network, especially in smaller
ventures, to supplement their own expertise. Fotsnehay draw on their support networks in
the following three ways.

First, they may seek business or technical adva® £xperts to provide
organizational knowledge related to operationsstrategic planning in their nascent firms
(Aldrich and Ruef 2006). By relying on their adwiscexpertise, founders can efficiently
resolve issues that may require a significant itnaest of their own time and resources.
Founders with little or no previous start-up expede may need assistance with day-to-day
operations, such as keeping accurate financiardecmeeting legal obligations, or fulfilling
customer needs. Experienced founders may seekspeo#ic expertise they personally lack,

such as guidance on entering new product marketsiders can utilize their external

11



advisors to scan their business environment forpagitive action and availability of
underexploited resources (Useem 1984). In thistfoncadvisors positioned in non-
redundant areas of a network can receive and tiatigmtype of information to founders
(Burt 1992). Advisors with high network prestigdivde more likely to receive information
from individuals with whom they maintain direct amdirect ties. For example, advisors
active in a local Chamber of Commerce can recomrhemdproposed local ordinances will
affect planned new ventures within its jurisdiction

Second, founders’ support networks can provide mand introductions to potential
investors, customers, or other stakeholders toarganizations. Through these introductions,
founders may meet experts, future employees, @r@htrepreneurs to discuss business
matter informally (Davis, Renzulli, and Aldrich 28)0 In particular, prominent individuals in
founders’ support networks can heighten awarenkeasdlend credibility to new ventures
through well-placed endorsements that enable nemsfio overcome any doubts about their
legitimacy (Podolny 2001; Stinchcombe 1965). Welitiaected supporters who occupy
central network positions provide greater impadhtr endorsements (Wasserman and
Faust 1994). Upon endorsement, potential exchaagegrs, such as suppliers, customers,
and financiers may increase their willingness toknoith founders and their new ventures
(Shane and Cable 2002).

Finally, founders can receive mentoring and emalignpport. Experienced mentors
can coach entrepreneurs to avoid certain mistaspgcially those with little start-up
experience. In a 2005 nationally representativeesusponsored by the OPEN Small
Business Network of 627 business owners/managdesvefr than 100 employees,

approximately one-half of the owners reported usiantors for general business decisions
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or ideas to grow their businesses (AMEX 2005). stualy of female entrepreneurs, Moore
and Buttner (1997) reported that respondents eitedtional support as being the most
important role of their professional networks.
FORMING SUPPORT NETWORKS

In the following sections, | explain how foundéwsm their support networks. |
introduce three hypotheses regarding support n&swvtheir size, the role of strong and
weak ties, and whether their configurations susttarn-up efforts.
Support Network Size

As founding teams increase in size, the numbeps$ibple support relationships
could increase as a function of the number of temen members. This assumption is based
on the role of weak ties — the enlarged pool oéptal supporters increases bridging
opportunities for founders beyond their local netvof strong ties (Granovetter 1973).
However, | offer three reasons why support netwanky not grow in proportion to
founding team size. First, founding teams tendtafaround homophilous strong ties (Ruef,
Aldrich, and Carter 2003). Limitations on time, eme and geographic propinquity
complicate developing and sustaining numerous gttierrelationships (Blau 1977). In these
situations, founders’ strong tie relationshipsrage likely to overlap extensively and share
similar backgrounds and experiences. As a resdtability to marshal assistance from a
wider range of potential advisors decreases (B2921Lin 2001).

Second, founders may attempt to recruit other tesmbers with varied backgrounds

to complement their existing skills. If they carcsessfully attract and work together with
qualified individuals, founders can delay callingtbeir support networks during the early

stages of development. For example, founders wdtodaperience in managing growth in
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new ventures may recruit seasoned managers ingation of this phase of venture
development (Boeker and Karichalil 2002). During tlot.com era of the 1990s, ambitious
college and graduate students who experiencedlisiticcess with their fledgling internet
companies realized their need for experienced exesuto head day to day operations and
lead additional fundraising activities.

Third, relationships among founders and betweendets and their support networks
differ based on the level of investment in thewnentures. By devoting significant time,
energy, and financial resources, owners aim toldpasset specificityithin their start-up
team by assembling complementary and relevansskiitl experiences (Williamson 1981).
Founders expect their teammates to resolve busmatisrs by looking internally for
additional assistance. Compared to external suprofounders have more interest in their
new ventures’ success, given their greater level\vadstment (Williamson 1981). For these
reasons, | expect:

Hypothesis 1: As founding teams increase in siziedaversity, support network size

will decrease.

The Role of Strong Ties

To fully reap the benefits of their support netwsyrfounders may aspire to have a
balanced set of seasoned mentors, prominent adyead other specialists in their support
networks. Guided by their experience, some founaheng anticipate their needs and attempt
to recruit qualified people into their networks. whver, this strategy requires founders to
have the foresight into how their start-up effartf evolve (Aldrich and Ruef 2006).
Without clairvoyance, most founders are unlikelytedict a priori how and when they will

turn to their support networks. Thus, when need®afounders will first call on individuals
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with whom they have strong ties within their cutreatwork of relationships, rather than
seek out unknown experts prior to launching themtures (Larson 1992; Podolny 2001; Xu
and Ruef 2007).

Founders are likely to rely more heavily on théiosg ties due to established norms
between the two actors. In these relationshipg$) botors have invested considerable time
and energy into developing a deep mutual understgridr one another (Granovetter 1973).
These frequent and substantive interactions ermdtleactors to develop an awareness of
each other’s abilities and preferences. Built ostirstrong ties enjoy a higher level of
reciprocity than weak ties. For example, Actor Aymeaspond to a call for assistance from
Actor B, without consideration of how or when Ac@®will compensate for Actor A’s
assistance. Social exchange theorists refer te tin@ssactions as reciprocated exchanges
(Blau 1964). Given their level of mutual understiaugg strong tie relationships operate with
norms of reciprocity that allow parties to grangiagance without consideration of benefits to
be received (Molm 2003). For these reasons, indal&llook to a core set of strong ties to
request material and social support (Hurlbert, Bgjimnd Beggs 2000; Kadushin 2002;
Renzulli and Aldrich 2005).

For founders, the benefits from working with th&tirong ties are several. Within their
local network of strong ties, founders may avoghsgicant upfront direct costs for assistance
and draw on a “line of credit” from their strong 8upport networks as a form of
entrepreneurial bricolage (Baker and Nelson 20D&g to frequent contact, founders are
likely to have ongoing conversations with strorggtabout their new ventures. As a result,
founders can rely on earlier interactions to avejkating details or providing extensive

explanations and ease the transfer of complexnmdtion (Hansen 1999). Founders may feel
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more at ease picking up the phone and asking ad¥iclese confidents who are more
patient in entertaining questions and solicitatifmrsaassistance and respond in a timely
manner (Uzzi 1996).

Working with direct ties may create a more suitabigironment for mentoring or
emotional support. Having opportunities to disattsallenges and receive encouragement
from confidants can boost morale and energize fetsh their work. Founders may have
provided similar assistance in the past to theorsg ties and as a result, may be inclined to
provide an opportunity for them to reciprocate @aar 1992).

Social exchange theorists place dyadic recipracgh@nge transactions within a
broader category of generalized exchanges (Blad;1Eikeh 1974; Lévi-Strauss 1969).
Generalized (or indirect) exchanges are not codftoalyadic relationships and involve
more than two actors. For example, Actor A recesugzport from Actor B, but does not
expect to reciprocate directly. Assisting a disdbtetorist and reviewing professional
journal articles are examples of generalized exgbanwhere any compensation from these
actions come indirectly through continued partitignain the exchange system (Yamagishi
and Cook 1993). By participating in a generalizechange system, founders can receive
support from other members without immediate oeatireciprocation.

In particular, family-based exchange systems pmfadinders a setting in which
reciprocal exchange relationships can flourish.ds@mple, older family members often
lend advice to their younger relatives without axpectations of receiving direct
compensation from them. Founders may have a previmtory of assisting other family
members in generous ways. Within the context oflfarelations, founders are likely to

expect and receive trustworthy advice (Kadushin22@0cPherson, Smith-Lovin, and Cook
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2001). Founders can receive frequent and inforongpasrt from other family members
(Hurlbert et al. 2000). Family members in particidarve as an important source of resource
mobilization for entrepreneurs, especially fromdhovith relevant previous experiences
(Aldrich and CIiff 2003). For these reasons, | extpe

Hypothesis 2: Founders are more likely to solicipgort from family members than

other types of direct ties.

Although there are benefits to working with strdigg, founders face several
limitations if they exclusively follow this approacFirst, founders will likely receive
redundant information and resources (Carley 199dn example, as interactions continue
and intensify between founders and their suppdwaerk, any unique knowledge known by
supporters will flow between actors and be shaselddbh parties. Founders will share
similar network features as they develop relatigrskvith individuals introduced to them by
their strong ties (Granovetter 1973). Over timghidounder and individuals in the support
networks will exhibit redundant features, reduding support networks’ ability to contribute
new and unique information that founders cannoeseby themselves.

Second, the principle of homophily suggests thahéters may limit themselves to
working with individuals with similar backgroundBlau 1977). Due to their common
locations in socio-demographic space, founderswubidk primarily with strong ties are less
likely to acquire new knowledge from individualstivvaried backgrounds. Third, networks
of strong ties between alters, in addition to thosiveen ego and alters, lead to a decline in
network efficiency (Burt 1992). Founders with ineiént support networks lack network

range because individuals know each other and mo@lyenin position to access more distant

17



resources and information. For example, family ddeending teams who work closely with
other family members are more likely to have ireéint networks.

Therefore, founders may encounter situations whein strong ties are not equipped
to provide the support they need. Under these rmistances, founders will turn to their weak
and indirect ties during early stages of theirtati@refforts. By accessing their weak and
indirect ties, founders may uncover new informatmal resources (Granovetter 1973).
However, ease of access to support depends orattars: the configuration of founders’
networks and willingness to invest in developingvmelationships.

Most individuals are embedded in dense, local netsvf/Natts 2003). Because weak
ties provide links to other local networks, foursledith multiple weak ties are best
positioned to uncover new information and resourdesler these circumstances, weak ties
serve as bridges that allow founders to develop méationships in other local networks
(Burt 1992; Granovetter 1973). However, for foursd@ho are not embedded in sparse
networks, pursuing these new relationships carulte taxing due to the time and energy
investment required to sustain them. Growing networf weak ties require founders to
overcome inclinations to recruit individuals intetr networks only from their own
sociodemographic niche (McPherson 1983). Secomahdiers should have an ability to scan
their personal networks, beyond their immediatedities, to identify additional, well
positioned advisors. Individuals will fall short iofentifying optimal configurations due to
their bounded rationality (March and Simon 1958).

Founders who pursue weak and indirect ties for stipp their networks also are
more likely to enter into negotiated exchanges.dtiated exchanges are one form of a

restricted exchange that occur exclusively betwesnparties and involve direct
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reciprocation from one actor to another (Blau 19%6ieh 1974; Molm 2003). Because
established norms that direct their relationshipsiot exist, founders may be required by
other actors to agree to guidelines that overseie shpport. Both actors will settle on the
terms of their exchange through some form of baiggiprocess. Negotiated exchanges call
for founders to invest more significantly into paging and maintaining these relationships
than with their strong ties. Based on factors saghQuality and availability, founders will
screen potential individuals from whom to soliesipport. Often, these transactions will
require founders to compensate for services ant@advey receive. Given limited resources,
founders will want to limit the number of negotidtexchange agreements. Unless creative
methods to delay compensation are negotiated, sl call on them sparingly until

their start-up efforts progress in development.

Under ideal circumstances, negotiated exchangesenalye into reciprocal
exchanges, as both parties develop trust and cahstorms that guide their interactions
(Blau 1964; Ruef 2003). Experimental studies hdews that reciprocal exchanges generate
greater levels of trust and commitment than netgdiaxchanges (e.g., Molm, Takahashi,
and Peterson 2000). Founders who intend to cudtiseitonger ties out of their negotiated
exchange relationships may encounter difficultembving away from agreements that
guide their interactions. In spite of these limdas, a major benefit to founders comes from
the extra planning involved to form and maintaifeetive negotiated exchange relationships.
With limited resources on hand, founders will taixéra steps to ensure that any investment
made into these transactions will result in prothaceéxchange relationships. For example,
when working with attorneys who charge by the nenfwunders will prepare their questions

in advance in order to make efficient use of tlkemsultations. This extra planning can also
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protect founders from negotiations that exploiirthmited resources (Pfeffer and Salancik
1978; Williamson 1981).

Serving as bridging relationships, weak tie supgsrprovide an additional benefit of
linking founders to other local networks (Reagamd Zuckerman 2001; Watts 2003). For
example, individuals who span multiple local netkgocan provide introductions to potential
customers or funding sources through bridging i@tahips to founders. Therefore, in spite
of the added start-up costs, founders who ideatiky develop successful relationships will
access valuable support that can ultimately bese§itaining their new ventures.

Previous studies have shown positive benefitsrdgatlt from maintaining a hybrid
support network, anchored by a core set of strmsgand complemented by additional weak
ties (Baker 1990; Reagans and Zuckerman 2001).desanwvill likely draw heavily from
their core set of strong ties and selectively sadigpport from other relationships within
their network. Collectively, this should have aipgs effect on start-up efforts during their
initial stages. For these reasons, | expect:

Hypothesis 3: Founders who work primary with straéieg in the support network are

more likely to abandon their start-up efforts.

DATA AND METHODS
| analyzed data from the Panel Study of EntrepreakeDynamics (PSED), a
nationally representative sample of nascent erdgregurs in the United States actively
starting new businesses. To form the sample, astage design was used. In the first stage,
59,575 adults, aged 18 years and older, residitigmthe contiguous 48 states of the United
States, were selected between July, 1998 and Jar2@0 using random digit dialing

(RDD) methodology. These individuals completedr@aring interview which contained
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four qualifying questions. Individuals qualified mascent entrepreneurs if they expected to
be majority owners of new businesses they had aegvely trying to start within the last 12
months. Owners reporting firms with positive caslwffor at least three months or majority
institutional ownership did not qualify. This ird@tiscreening interview resulted in a pool of
1,164 eligible individuals who could be locatedofarthis pool, individuals were randomly
drawn and invited to participate in the full studtythis second stage, 830 individuals, which
included women and minority over-samples, complétedull survey, for a response rate of
71 percent. Respondents reported information e tiew ventures, team members and
members of their external support networks. Thevesity of Michigan’s Institute for

Social Research oversaw the final data collectftorts. A complete description of the
study’s background, sampling methodology, and nespaates can be found in Gartner et al.
(2004b).

Due to various reasons, | dropped 23 cases frorfirthlesample. Fourteen cases of
the 23 cases were dropped due to lack of majowtyeoship by nascent entrepreneur(s)
(seven cases), maturity of the new business baséur@e months of positive cash flow (six
cases), or missing team data (one case) (Ruef20@8). After reviewing start-up activity
information, | dropped an additional nine casesdam four reasons: misinterpretation of
guestions (two cases), no reported start-up agfjihree cases), and start-up too advanced
based on timing of accomplished activities (foses). In my analyses, | used an effective
sample of 807 cases.

The nascent entrepreneurs in the sample respoade hame generator questions.
The first question asked for names of other indiald who would share in ownership of the

new venture. | refer to these individuals as membéthe start-up team. The second
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guestion asked for names of people who have bdpfuhm the start-up process, but not
members of the start-up team. | refer to this $@tdividuals as the external support network.
For both name generators, respondents could proyade five names and for each

individual identified, a set of name interpreteegtions were asked. Start-up team size was
based on the number of owners reported with theengenerator question.

For start-up team members only, respondents repoote relations between
ego/alter and among each alter. Respondents ctwaesix categories (spouse/partner;
relative/family members; business associates/wollk@agues; friends/acquaintances;
strangers before joining the team; other type lafti@ship) to describe each relationship
within the start-up team. For the support netwogkpondents reported role relations
between only ego and alter from the following sategories (spouse/partner; relative/family
members; business associates/work colleaguesg$fiacguaintances; teacher/counselor;
other type of relationship). As a result, relatiops between alters can be derived only
among family members. Fourteen new ventures reghbyd®ing a non-person team member
holding a minority ownership stake (e.g., finananaititution, business). For these cases, |
excluded the relations between other team meminelrs@n-person entities from the
measures described below.

| utilized individual case weights calculated bg thstitute for Survey Research at
the University of Michigan for the PSED. These virggaccounted for differences in
selection probabilities based on age, educatiae, i@nd sex (based on the Current
Population Surveys conducted by the U.S. Censuktarrected for differences due to

differential non-response rates (Curtin and Reyn@ld04).
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Variables

Start-up team variables: In addition toteam sizel created the following team-related
variables. To measure kin relationships, | codadiewith aspousal/partner paiwith a
dichotomous variable and also calculatedrthmber of non-spousal kin tigsat existed
among all members of the start-up teams. Spousal @ecurred in approximately one-half
of all new ventures that started as teams, witadahtional 20 percent of teams composed of
other non-spousal family members (Ruef et al. 2003)

To develop variables for tie strength, | used messof sociodemographic distances. |
relied onunification principledeveloped by Fararo and Skvoretz (1987), who ¢ttt
“The greater the number of dimensions along whigdoeiates differ, the greater is the
chance that the tie is weak” (1199). Based onghiciple, | approximated tie strength by
identifying structural similarities of related initluals. Due to the effects of homophily, |
assumed that similarly situated individuals areerlikely to build relationships and sustain
them over time (Burt 2000; McPherson et al. 2001).

Given their effectiveness as indicators of tierggth, | calculated age, gender, and race
distance measures among team members (McPherabr2@01). Foage heterogeneity
calculated the standard deviation among all teammipees. Fogender diversityl created
indicator variables for all male, all female, antked gender teams (excluding spousal pairs).
Single gender teams made up approximately 70 peoféhne non-spousal sample. Facial
diversity, | used a dichotomous indicator to code the gigintent of teams which were
heterogeneous. | treated solo ventures as a speskalof a start-up team and coded these
cases in the following manner: size (one); agerbgeneity (zero); gender diversity (either

all male or female); and racial diversity (no).
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Support network variables: Respondents reported whether they worked witkroth
people outside the start-up team “who have beercphkarly helpful to you in getting the
business started.” Respondents who reported “yes/iged the number of helpful
individuals to their new ventures. | used this mfation to calculatsupport network size
For the 37 percent of respondents who reportedippasters, | coded their support network
size to zero. Respondents also provided gender (vawte, black, Hispanic, other race), age,
and relationship information for up to five of theiosthelpful individuals. Because there
was incomplete background information for 39 resjgarts who reporteldaving more than
five supportersl created an indicator variable for their cagestest for network closure
effects due to kin relations, | calculated bothrhenber of kin and non-kin supporteihe
number of kin and non-kin supporters ranged frono te five. | also calculated thetal
number of kin tieamong all founders and their supporters.

Respondents reported how mamars they have hadralationship with the
supporterwith an average and median length of 11.6 and &sy respectively. For 81
cases, respondents reported knowing the suppaitany life” for at least one supporter. |
used the following procedure to recode these c#isia® supporter was a relative, | coded
either the age of the respondent or supporter (wever was smaller). If the supporter was a
friend, | coded the age of the respondent minusrsgears, assuming the childhood
friendship started at age seven. If the supporger avteacher or counselor, | coded the age of
the respondent minus 15 years, assuming the nediij started at age 15. If the supporter
was a work colleague or business associate, | ctidedge of the respondent minus 21 years,
assuming the relationship started at age-2t each respondent, | summed together the

number of times they discussed business matténg ilast monthwith their supporters. |
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took the natural logarithm of the time variablectorect for skewness (average and median
number of discussions occurred 26 and 15 timesosisely and ranged from 0 to 320
times).

| included five control variables. Because startegm composition may vary based
on the type of business, | created a four cateppohystrial sectormeasure
(primary/manufacturing; retail/wholesale; consursgpport services; professional services)
based on 1997 NAICS coding scheme. | included twasures of previous work experience,
proportion of start-up team members with start-pexienceandaverage years of
experience in the industry of the new ventureich can also contribute to the development
of support relationships. | includedganizing timeto account for the length of time founders
have been working on their ventures. Respondeptstexl if and when 25 start-up activities
(e.g., purchasing raw materials, writing a busingas, etc.) occurred. | calculated
organizing time based on the number of months bextvtleeir earliest reported activity and
time of interview. (See Appendix A for detailsfpbk the natural logarithm of organizing
time to correct for skewness. Finally, | createdraticator variable to distinguish the 13
percent of new venturesfiliated with an external sponssuch as a franchisor or multi-level
marketing firm. | included this variable to accofmt founders who gained access to a wider
network of resources through their sponsors. INgak, | present additional descriptive
statistics for these and other variables used irmnalyses.

[INSERT TABLE 2.1 ABOUT HERE]

[INSERT TABLE 2.2 ABOUT HERE]
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ANALYSIS AND RESULTS

To test Hypothesis 1, | estimated the relationSlefveen start-up team
characteristics and size of the support networkgieegative binomial regression techniques
(n=776, based on listwise deletion). | used theskrtiques over Poisson regression models
because overdispersion existed. The dispersiommadea (1) was greater than zero and
statistically significant for all models. Based regression diagnostics, | did not observe any
indications of collinearity (values of VIF were $ethan three). In addition to the overall
number of supporters, | tested relationships fardaad non-kin supporters separately with
network size.

In Table 2.2, | reported results for three separatdels, based on (a) total, (b) kin,
and (c) non-kin supporters, for each of the fiatstip team characteristics (size, age, family
tie, gender, and racial diversity) provided atfil& interview. Results from these models
provide general support for negative relationshigsveen team size and diversity with
support network size (Hypothesis 1). In Model le agd racial diversity were negatively
associated with total support network size. Fohestandard deviation increase in age, the
support network size decreased by three percent 100*(exp® — 1)). Mixed race teams
decreased support network size by almost 40 pergemtever, as the number of kin ties
increased in founding teams, the expected numbsupdorters increased by about 13
percent. In Model 2, for each additional team memthe expected number of kin supporters
dropped by 55 percent, but kin ties again had #ipesnfluence on the expected number of
kin supporters (by over 40 percent for each aduftidie). The positive relationship between
non-spousal kin ties and the support network sizdadels 1 and 2 suggests that founders

look to their extended relations for support dutiihg start-up phase (Aldrich and Cliff 2003).
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Contrary to expectations in Hypothesis 1, the etggenumber of kin supporters doubled for
mixed gender teams (i.e., 100*(eXp- 1)). In Model 3, the expected number of non-kin
supporters decreased by one-half for teams withsagairs. Relationships may overlap for
spousal pairs and restrict the pool of potentiphsuters.

Hypotheses 2 and 3 focused on the relative reliagdeunders on strong and weak
ties within their support networks. | tested thegpotheses using negative binomial
regression models, with total number of businessudisions during the last month as my
dependent variable. The dispersion parametew@s greater than zero and statistically
significant for all models. | restricted this arsi/to teams having at least one supporter at
the first interview (n=487, based on listwise dele}. Eight percent of teams reported more
than five supporters. Because | had complete irdtion on the length or type of
relationship for the five most important supporteiacluded an indicator for teams with
large supporter networks in the following modelas&d on regression diagnostics, | did not
observe any indications of collinearity (values/tf were less than two).

[INSERT TABLE 2.3 ABOUT HERE]

In Table 2.3, | reported results supporting Hypeth2. Founders were more likely to
have frequent discussions about business mattérsiveir core direct ties, as measured by
length of relationships. For every year foundengehianown their supporters (Model 1), the
expected number of discussions increased by twaeperin terms of working specifically
with other family members, | found the expected banof discussions increased by almost
65 percent for each additional supporter who wizsraly member (Model 2).

| also found support for selective use of foundami-family ties. Founders were

very unlikely to work with indirect ties. Based dascriptive analyses, only one percent of
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founders reported working with strangers in thaport network. Founders were likely to
receive some support from other existing tiestbat lesser extent compared to their family
ties. The expected number of business discussiapped from almost 65 percent for family
supporters to 15 percent for each additional nonskipporter (Model 2). In all three models,
teams with spousal pairs were less likely to disdussiness matters with supporters. Among
the control variables, teams with more start-upeeiemce and working with an external
sponsor increased the likelihood of having frequikstussions with their supporters. Teams
having more than five supporters also had a paesrglationship, implying that founders
engaged more regularly with their supporters igdanetworks (Model 3).

In my final analysis, | assessed whether suppetiworks contribute to sustaining the
founding process. | analyzed the impact of netvgizke on the rate at which founders
abandoned the start-up process. Respondents betaisle for quitting their new ventures
after the first qualified start-up activity occuldtgRefer to Appendix A for details.) The
outcome event was whether respondents quit theetrgp efforts. A total of 316 respondents
reported quitting their new ventures. | updatedosupnetwork and team covariate
information at the following time points: start-tgam formation dates, interview dates (up to
four), and quit date (if applicable). For the cohirariables and kinship variables among
team and support networks, | used their initialrealand did not update them over time.

| assumed all start-ups started as solo ventuitagliyn Team size was updated at the
time of start-up team formation. For 101 casegaedents reported start-up team formation
as their first start-up activity. For these casessigned team size reported at the first
interview for the initial spell. For 152 cases,pesdents reported forming a start-up team

prior to the initial interview, but reported beiagolo owner at the first interview. Because
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the respondent did not provide any information lwgirtformer teammates, | assumed team

size to be one since the beginning of their stpré&ctivities. For teams that experienced

ownership changes after the first interview, | assd they occurred shortly after the last

recorded interview, because respondents did nolodis when any changes in ownership

occurred. For example, if the respondent report@dadwners at the second interview, |

assigned the value of two for team size betweefitsteand second interview spell.
[INSERT TABLE 2.4 ABOUT HERE]

In Table 2.4, | reported results for the piecevegponential models. The underlying
functional form followed a non-monotonic trajectamgnsistent with the liability of
adolescence theory (Bruderl and Schussler 1990¢t8tombe 1965). To estimate duration
dependence, | used a piecewise exponential modelfeur time segments beginning at O,
12, 24, and 48 months since first start-up activityModel 1, founders with ventures
between 24 and 48 months in age quit at aimose tiimees (&°**%) the rate of younger
ventures between 0 and 12 months of start-up. Aftaeking during the 24 to 48 month time
segment, the rate of quitting decreased for ventgreater than 48 months.

In Hypothesis 3, | predicted that founders who wddsely with their strong ties are
more likely to quit. | found support for this hypetsis. Founders who work more closely
with family members in their support networks werere likely to abandon their start-up
efforts. Greater kin ties on the founding team aldid not have a statistically significant
relationship, but greater total kin ties (i.e., aagdeam and support network) did increase the
rate of quitting. For each additional kin tie, #agected rate of quitting increased by five
percent. Frequency of business discussions witsupport network also increased the rate

of quitting. The association’s small magnitude rbaydue in part to the positive effect of
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selective discussions with weak ties, diluting tlegative effect of considerable reliance on
family members.

Contrary to expectations in Hypothesis 3, founaére work with their spouses were
less likely to abandon their start-up efforts. Aahially, founders with larger support
networks were also less likely to abandon theit-stp efforts. Larger support networks
decreased the rate of quitting by about 12 perfoergach additional supporter (100%&-

1)). In larger support networks, founders may iaseetheir likelihood of having weak ties to
support their founding efforts.

| ran two sensitivity analyses to check for maadustness. First, | examined
whether left-truncation issues in the PSED produsaded results. Following the
recommendations of Gartner et al. (2004b), | redafour models for ventures 24 months or
younger in age. As a second test, | used a Coxhawdl included organizing time (In) as a
control variable (Singer and Willett 2002). In baikuations, | found results consistent with
the original models. Additionally, these modelsibkkd good fit, based on plots of the
Nelson-Aalen cumulative hazard function againstcm@ulative Cox-Snell residuals.

DISCUSSION

In this paper, | explore how and under what condgifounders form their support
networks and whether their support sustains thait-ap efforts. | summarize my results in
the following three ways. First, diverse foundiegms, in terms of age and race are less
likely to look to their support network for assista. However, teams with a high density of
family members are more likely to rely on other figmembers for support. Second,
founders discuss business matters more often wghaters with whom a long-term

relationship exists. Founders also engaged in thetediscussions with their supporters
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beyond their families. Third, although larger suppetworks benefit founders by reducing
the rate of quitting, founders who work primarilythvother family members are more likely
to quit.

| highlight several features of the PSED studygie$o describe the context for
which these results should be evaluated. Addresssugs related to these design features
can also serve as the basis for future reseandt, Because respondents reported
information for each alter and relationships betwakers, the PSED collected only one slice
of the respondents’ cognitive social network (Kizatdt 1987). Respondents did not
distinguish whether advisors nhominated throughmtme-interpreter questions were
recruited by other team members. Respondents pantime attributes for alters, such as
their gender, racial, or family relations, with nmral uncertainty (White and Watkins 2000).
However, when requesting more detailed informafsarch as educational and financial
background), ego-based reports will likely resalincreased non-response or measurement
error. Collecting this type of information wouldgere alters to be interviewed directly.

Second, direct measures of tie strength, such asa8etter’'s (1973) four-part
definition (amount of time, emotional intensity, taal confiding, and reciprocity) may yield
additional insights. Although | used sociodemograjlistance measures as a proxy, direct
measures of tie strength can capture additionfdréifices in the relationship context
especially among family members (Marsden and Cathp®84). Third, for multi-person,
non-kin based founding teams, information on thgpsut network may be incomplete.
Because | relied on information provided by responts, additional supporters relied upon
by other team members may have been omitted byeipondent. Although relying on

respondents’ reports may underestimate the presd#veeak tie supporters, | consider the
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impact to be small. | assumed kin-based teams wadapping networks, which minimized
the potential number of additional supporters wigseanot reported. Approximately twenty
percent of multi-person founding teams had at leastnon-kin tie.

Fourth, because small teams start new venturesjmyany inferences from a
reduced sample of larger teams may be prematustudy conducted on large founding
teams could yield additional insights (e.g., Reagamd Zuckerman 2001). In large founding
teams, the potential exists for a much greatereamghe strength of relationships among
team members and supporters. However, becausepeuion teams are rare, any findings
would need to be evaluated accordingly. Finallythis study, | assumed support networks
co-evolved with start-up teams. Supporters can @itigrent roles for different stages in the
start-up process. For example, by helping to reamiexperienced person as a team member,
advisors reduce founders’ need for future assistafidditional information on when
founders began their support relationships wodtmhafor analyses to test this assumption.

IMPLICATIONS AND FUTURE DIRECTIONS

| highlight four implications for future researchdapractice from this study. First, as
founders’ new organizations establish their leggiyy their support networks will evolve
with time, gaining weaker ties to replace an ihitiare set of strong ties (Aldrich and Ruef
2006). But in the short term, founders may neeeviduate the overall net benefits of
working with close ties. Although trustworthy angpportive, relying on strong tie
supporters, such as family members can hamper &shability to survive and achieve
milestones in organizational formation (Reynoldd &filler 1992).

Second, network studies show empirically that loedivorks can be linked to other

local networks through bridging ties to form a gibbetwork (Watts 2003). However,
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founders who intend to take steps to bridge tordtheal networks confront significant
barriers. Individuals face pressures of homoplalinteract and sustain relationships with
individuals unlike themselves (Kim and Aldrich 2Q00Bounders face bounded rationality,
unable to scan beyond their direct ties for completary partners and supporters (March
and Simon 1958). Founders require a significanéstment of time and energy to maintain
new relationships with diverse backgrounds, givenrit$ in time and energy. They also will
need to invest into developing productive negotiabechanges that are likely to emerge
from these bridging relationships.

Third, if founders can assemble an optimal suppetivork of strong and weak ties,
the benefits will likely decline over time. Oppanities to access new information and
resources due to structural holes are greatekeishort-term when the distribution of
information is not at equilibrium (Aldrich 2006).Asdividuals increase the level of
interactions by working together on a new ventthre,knowledge shared between the actors
will increase (Carley 1991). Over time, the bersefierived from their interactions in terms
of non-overlapping knowledge will decrease. Effeetielationships will mature as team
members and their supporters collaborate, whileadyxtive relationships will lead to some
supporters to part ways with founders. Over tirhesé two factors will diminish the initial
benefits as the density of strong ties increasethdt new relationships entering regularly
into a local network of founders and supportersiaihy well-endowed ventures (in their
access to information) may facéiability of adolescencas relationships mature (Bruderl
and Schussler 1990). This liability also appliefotanding teams that lose members. Unless
relationships have been institutionalized withia tiew ventures, departing members may

take with them any potential advisory relationshipepending on the strength of the
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relationships, a triadic relationship among alethparties (founding team, departing owner,
and departing owner’s supporter) may be difficalstistain.

Lastly, new ventures must initially rely on exigfirelationships that founders have
with other individuals (Aldrich and Ruef 2006; Haed Hesterly 2001). Without inter-
organizational relationships in place, founding rbens draw on their experiences and
backgrounds to develop and maintain relationshipis motential supporters. Collectively,
these relationships contribute to form an extenedvork of supporters for a new
organization. Over time, if their ventures survitres founders’ initial support networks may
evolve into the core of a future inter-organizatibexchange network (Brass et al. 2004). For
example, a friend who responded to a few legaltipresin the preliminary planning stages
may eventually be hired as the new firm’s legalisolv Thus, mdividual attachmentamong
start-up team members and advisors may evolvestnigtural attachmentas client/service
provider) in time (Seabright, Levinthal, and Fichmi292). With advisory relationships
unlikely to change dramatically over time, init®lpport network structures become an
imprinted feature of new ventures (Stinchcombe 196%er reliance by founders on an
extended network of supporters may indicate a tdaoherence within the start-up effort
and lead to a shift in power to external provid@feffer and Salancik 1978). Therefore, in
addition to issues of resource constraints andifegcy, studies of organizational emergence

and survival should account for these support neétwbaracteristics.
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CHAPTER 3: ROUNDING OUT THE TEAM: HUMAN CAPITAL AND THE

ACQUISITION OF ORGANIZATIONAL KNOWLEDGE IN NEW VENT URES

INTRODUCTION

Scholars have argued that founders’ human capdags @ critical role in
entrepreneurial entry, performance, and survivali@rl, Preisendorfer, and Ziegler 1992;
Evans and Leighton 1989; Gimeno et al. 1997). Hpestablished this link, scholars have
begun to look more closely at how human capitakgates favorable entrepreneurial
outcomes (e.g., Delmar and Shane Forthcoming)nifigiand experience matter, but what
remains unclear is how human capital enables fagrtdetake specific actions when
organizing their new ventures. In this chaptexglere how founders’ human capital enables
them to acquire external knowledge to support thgjanizing efforts.

To establish how prior training and experienceuefice organizing processes, |
adopt the two dimensional classification schemgeoferal and specific human capital that
other scholars have used (Becker 1993). In terngeéral human capital, such as education
and general work experience, Evans & Leighton (198B8orted a positive association with
transitions into entrepreneurship in the Unitede€dtaArum & Mueller (2004) provided
similar evidence in a collection of cross-natiosialdies of 11 advanced industrialized
countries. In terms of specific human capital, $afmhave focused on two forms of training:

industry and prior entrepreneurial experiencesniBgs/an Praag, Thurik, & de Wit (2004)



showed positive effects of industry experience eriggmance and survival using a sample
of Dutch entrepreneurs registered in 1994 withDh&ch Chamber of Commerce. Evans &
Leighton (1989) also argued that prior start-upegigmce increases the likelihood of
entrepreneurial entry. Delmar & Shane (Forthcomsig)wed non-linear influences of
industry and prior start-up experience on starsuwival and performance. Building on
these findings, | explore the influence of foundbarsnan capital on their entrepreneurial
decision making, represented by how they seek maittnowledge.

In the early stages of firm creation, founders emter limited resources, competitive
pressures, and other constraints that force thewlytqrincipally on their personal
knowledge accumulated through prior training anpegdence (Stinchcombe 1965).
Experienced founders can identify limitations ieittown portfolio of skills and abilities
required to launch their new ventures successfB§ycreatively finding ways to enhance
their own abilities, founders can lower their rigis failure. Drawing on their own
experiences, founders evaluate their options, agdeeking expertise or imitating successful
practices to apply to their start-up efforts (Atdiriand Ruef 2006).

In addition to training and skill development, falens accrue social capital through
professional networks they develop. Enrolling imfal education programs create
opportunities for students to form bonds with ottlassmates, find mentors, and gain access
to their alumni networks. Working on project teamgstablished organizations enable
employees to develop mutual trust and friendshipls their colleagues. Professionals
involved in a particular industry can form ties vguppliers, customers, regulators, and other
stakeholders. Founders can take advantage ofpttadgssional relationships, cultivated

through training programs and work experience albupon for assistance. Nahapiet &
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Ghoshal (1998) described how social relationshapgifate the development of knowledge
within organizations. Within existing relationshipgunders can take advantage of a
common cognitive and relationship foundation toparppotential collaborations. This
approach to securing external knowledge standenitrast to more strategically-oriented
explanations in which founders benefit by formithaser relationships with distant ties in
their network or developing new relationships witkeviously unconnected individuals (Burt
1992). According to this explanation, founders gaiwel and timely information by working
with strangers due to access outside their lodataré&s. Therefore, in this paper, | also
investigate how founders’ social capital guidesrthequisition of external knowledge.

In the following sections, | develop a theoretibatkground and a set of testable
hypotheses for the role of human and social cafmtalipport founders as they develop their
new ventures. | test these hypotheses using thel Baudy of Entrepreneurial Dynamics
(PSED), a nationally representative random samipt@gcent entrepreneurs who are actively
working to start new businesses. After reportingfmgings, | conclude with implications
for our current theoretical understanding of foustdeuman capital and propose areas for
future research.

THEORETICAL BACKGROUND

Scholars have argued that new ventures startedp®rienced founders are more
likely to grow and survive (Bruderl et al. 1992;IDar and Shane Forthcoming). To develop
this argument, researchers relied on the assumibtadrprior investments in human capital
enable founders to take appropriate actions anéme&vant decisions during the
organizing process. This assumption is consistéhtColeman’s (1988) comparison of the

value of physical and human capital: “Just as playsiapital is created by changes in
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materials to form tools that facilitate productitmman capital is created by changes in
persons that bring about skills and capabilitied thake them able to act in new ways.”
(S100). In this study, | make this assumption nexglicit by examining how founders
access external knowledge using their human cap##go explore whether founders
achieve more favorable start-up outcomes by accatmglexternal knowledge.

| follow a competence-based framework that direlitlys human capital to skills and
distinguishes between general and specific formsuaian capital (Becker 1993; Colombo
and Grilli 2005). From this perspective, | assuhma individuals equipped with general
skills can transfer and apply them to situationgobe the primary settings for which they
were initially trained. For example, founders canwse favorable terms from potential
suppliers or persuade skeptical customers to cenasidew product offering using
negotiating skills acquired when previously workingales environments. Founders
equipped with general skills draw from a pool addt business knowledge to assess
business opportunities and execute operationasides.

In contrast to general skills, specialized trainamgplies more narrowly to a particular
setting, such as learning unique routines for gamzation. For example, founders can take
advantage of their specialized skills by startingea business in the same industry where
their skills were acquired. Sorenson & Audia (20883cribed the high geographic
concentration of new business activity in the fomawindustry. To account for this
concentration, they explained that experienced gensavould leave their positions in older,
established firms to start competing firms neatbyaddition to technical skills, specialized
training may also apply to mastering other skglsch as managing employees within a

distinctive corporate culture.
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Benefits from Human Capital

Founders who intend to start new businesses bdr@fittheir general and specific
human capital in three ways: skill development,jgslen making abilities, and social network
formation. First, skill development occurs throwtgtlarative memory, such as concepts
learned within a classroom setting, or through edocal memory, such as learning routines
and replicating existing practices during on thei@ining (Cohen and Bacdayan 1994;
Polanyi 1966). Second, while formal training enaldkill development, on the job training
provides opportunities for gaining tacit knowledgel other aids to making business
decisions. Third, obtaining human capital throudhaational institutions and established
organizations provide founders opportunities tarf@rofessional networks. In the following
sections, | describe these three benefits fromraatated human capital in greater detail.
Skill development

Through work experience, founders can acquire foresdal skills which are
necessary to start new businesses. By workingsitipos that expose them to technical,
managerial, and other functional skills, foundeas draw on this knowledge as they launch
their new organizations. In addition to honing spieéunctional skills, founders also benefit
from having a broad range of experiences. For el@mplarger organizations, managerial
trainees work in multiple departments and are eggpds a wide range of operational
scenarios. Having breadth of skills, especiallynarketing and management can further
assist founders in organizing their ventures duémumber of issues that relate to these
areas (Roberts 1991; Shane 2003). By developingrgge in certain skills and gaining
exposure to others, founders can learn “on the goiol' avoid making similar mistakes when

starting their own ventures. When this learningussavhile working for someone else,
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founders benefit from direct and indirect trainoagts incurred by their employers. Although
scholars tend to consider the cumulative impaetark experience on entrepreneurial
activity, Dobrev and Barnett (2005) argued thallskicquired during recent work
experiences may have a more pronounced effect lmastibir study of entrepreneurs who
were alumni from an elite MBA program. The impatterent work experiences is most
likely relevant to specialized training. Foundegsried in current technologies bring to their
new ventures considerable awareness of the l&gstital requirements and issues.
Founders who are not “current” in their trainingynface a significant learning curve in
order to update their prior experiences.

Founders also acquire skills through formal edooat opportunities. While
secondary and college-level education provide idd&ls with opportunities to develop
general critical thinking, analytical, and commuation skills, founders who complete
elective courses and advanced degree programikelsetb obtain more specialized skills.
Trade schools allow students to concentrate ontacplar craft, while graduate schools
enable students to become qualified in a specafieéd. Students who complete business
courses and degree programs acquire both genetalpagcific business skills. Inexperienced
founders can acquire specific business knowledgateyding seminars and workshops
specifically designed for individuals who wish tars a business. In contrast, students who
enroll in formal business degree programs typicadijnplete a comprehensive curriculum of
courses in finance, accounting, marketing, andegiya Additionally, students in degree
programs who specialize in entrepreneurship can le@re specific skills related to the

founding process. For example, through these facpssgrams, students are taught how to
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generate pro forma financial statements, writeciffe business plans, and pitch their
concepts to potential investors.

Although practical experience and formal educatray emphasize distinct forms of
training, Becker (1993) described how two formsraining can also support one another in
their outcomes. On the job training can reinfofueotetical concepts taught in the classroom
(Polanyi 1966). For example, executing an effectnggketing strategy for a new business
often requires more than implementing steps leamadmnarketing class. Principles acquired
from a textbook can be reinforced by designing plaimed at actual implementation. Work
experience can also spur additional classroomitigiiGraduate business programs are
designed for students to build on their previousknexperience. As a result, the impact of
these skills on new venture success should be di@sea complementary relationship
between founders’ education and work experience.

Judgment and decision making

In addition to skill development, founders gaiait&knowledge by working closely
with seasoned experts. On the job training provalsstting for founders to learn
complicated information that may be difficult tarisfer in a classroom setting (Polanyi
1966). Founders may exercise better business judlgimemaking critical operational
decisions during early stages of the start-up @®btg relying on their tacit knowledge
gained through prior experience. By combining tkoiwledge with other general skills,
founders can develop cognitive templates from teaitier experiences and use them as
frameworks to execute decisions for their new veg{Walsh 1995). Founders may rely on
these cognitive templates more deeply when stabtirsgnesses in the same industry or

relying on similar functional processes learnedrdytheir previous training (Aldrich and
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Ruef 2006). Experience in a start-up environmeaviges founders with first-hand
knowledge of executing business decisions in auregaconstrained environment (Baker and
Nelson 2005). Founders with start-up experience atsyy have a greater sensitivity towards
pacing of start-up activities and understandingptél consequences of every action
undertaken. For example, founders may face ongieagsions regarding whether to
complete certain tasks internally or to solicite¥rtl assistance. Founders who have started
successful businesses may recognize how and whetyton external assistance to
supplement internal expertise. Successful entrgoimsmmay also act with more caution,
guided by their awareness of effective strategmeklikelihood for imitating practices that
work (Haunschild and Miner 1997).
Social network formation

As a third benefit from human capital developméminders have opportunities to
form their professional networks as students imreducational programs or employees in
established organizations. In these settingsept@ssignments, committee responsibilities,
or other forms of collaborative work enable classsand co-workers to interact and
develop working relationships. As a result of thiegeractions, founders are likely to
maintain their trusted and mutually supportive tieteships. Depending on the level of
closeness, founders may call upon these assotiateasted advice or expertise without
feeling a need to compensate them for their ses\idzzi 1996).

Founders may have also developed mentoring rekdtipa with faculty or
supervisors. Similar to working relationships eBthied with colleagues, founders with
strong mentoring relationships may continue thaieractions with trusted counsellors after

graduation or rotating off a project team. Giveeitlparticular expertise and prior
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experiences, mentoring relationships provide foundaother valuable resource for advice
and knowledge.

Founders can expand their network by taking adgntd their alumni affiliation.
Networking forums, such as alumni clubs, direcwrand online networking websites can
support founders in search of assistance fromviellumni. Founders can explore their
alumni networks to identify future employees orguiial customers. Introductions from
network contacts may provide founders access ter odstricted networks, such as business
roundtables or associations. Founders may turadolty members of their alma maters as
another source of expertise by requesting theircaduformally in conversations or more
formally through their participation on advisoryards.

To summarize, founders can benefit from their aadated human capital in three
primary ways: acquiring general and specific skiigining tacit knowledge to aid in
decision making; and developing professional netadin the following section, | describe
how founders use these characteristics to evatbatkevel of organizational knowledge in
their nascent firms and their search for externa\Wkedge.

HUMAN CAPITAL AND ACQUISITION OF ORGANIZATIONAL KNO  WLEDGE
As a part of the start-up process, founders in fiems begin to develop their
organizational infrastructure. Founders rely ifiigian their accumulated human capital to
create new roles and routines unique to their maswganizations (Stinchcombe 1965). In
nascent firms, these roles and routines focus piliyr@n mobilizing resources, developing
initial products and services, and achieving ostart-up milestones. Experienced and well-
trained founders may respond to these organizintades more effectively. Founders can

utilize their previously acquired skills and eléztwork fairly independently, especially
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during initial stages of venture development. Faradware of proven practices can imitate
them in their own start-up efforts (Aldrich and R2606).

Founders with limited experience may turn to exaekmowledge providers for more
specialized assistance. External knowledge prosidan help founders launch their
businesses in new industries or geographic regitrese founders’ expertise is limited.
Inexperienced founders may acquire information i$jgeo particular industries, such as
regulatory requirements, market conditions, andpetitive dynamics more efficiently
through external providers. Founders may elecétouit seasoned managers to grow a
nascent business upon establishment (Boeker anchighl 2002). Founders may align with
external knowledge providers formally by recruitthgm as team members or forge
relationships with experts to provide assistance arore ad-hoc basis. For these reasons, |
expect:

Hypothesis 1: As founders’ human capital increaties Jikelihood of requesting
external knowledge decreases.

Without established roles and standardized routimes firms face elevated risks of
failing (Stinchcombe 1965). As a temporary remdaysuggested, “New organizations have
to get by with generalized skills produced outgdltkeorganization, or have to invest in
education (including especially the cost of ineéficy until people learn their roles) (148).”
Founders can address this issue of insufficieram@eptional knowledge in four different
ways. First, founders may hire qualified individasiak employees. Second, founders may
identify specific needs and purchase these seritesn a long-term perspective, these first
two strategies provide significant advantages tméters. Investments into hiring employees
can institutionalize core routines in new firms aleyelop asset specificity within their

organizational infrastructure (Williamson 1981)riHg consultants or specialists to provide

44



specific business services allows for greater figiky in addressing organizational needs.
However, founders are unlikely to pursue thesdegres in the short-term. These options
require founders to devote substantial financisbueces that may be unavailable during
early stages of starting a new business.

Founders may be more inclined to pursue two altefmaptions to acquire external
knowledge in the short-term that do not requirestderable resource investments. First,
founders may recruit additional team members vatavant skills and experiences. For their
initial investment of time and financial resourciginders can offer future equity to these
recruited owners in the new firm without any sigraht short-term financial outlays. Second,
founders may look to their professional networkadicit their assistance as advisors to their
start-up efforts. By calling on these individudtsjnders may receive assistance without any
immediate expectation for financial remuneration.

Founders may encounter situations for which theswijous training and accumulated
knowledge are insufficient. Under these circumstantounders still rely on their human
capital to guide them as they search for thesamait&nowledge providers. Using their
experience, founders can identify what types oistasce to solicit and potential sources to
consider. General knowledge may not be as critcatquire, especially if founders have
sufficient general training that allows foundersatiress basic issues they encounter during
day to day operations. However, specific knowledgeh as technical skills or developing a
marketing plan may be sought to supplement existbilifies of founders. Founders who are
experienced managers may delegate certain taskden to focus on achieving central

organizing milestones. Founders with start-up eepee may understand how and when
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external experts can provide additional supporsfcific start-up tasks. For these reasons, |
expect:

Hypothesis 2a: As founders’ human capital increaties likelihood of obtaining
general knowledge externally decreases

Hypothesis 2b: As founders’ human capital increaties likelihood of obtaining
specific knowledge externally increases

Founders with poorly developed social networkslianged in their ability to recruit
knowledgeable experts. Stinchombe (1965:148) exgthi“Clearly, the distribution and
generality of skills outside the organization, sieeially induced capacity to learn new roles
(especially without visible role models), and tlase of recruitment of skills to new
organizations will affect the degree of disadvaatafjorganizational innovations.” In
principle, founders can pursue multiple channetsatmuiring external knowledge. However,
founders are likely to request assistance initifxtyyn individuals with whom relationships
exist (Granovetter 1985). By relying on their dirges, founders can trust their assistance
and expect a greater willingness by these knowlgdgeders to support their founding
efforts (Coleman 1988). Over time, if their new wges progress, founders can move
beyond their initial core network of advisors atmtegically identify experts with whom no
prior relations exist. However, in the short-tefoynders are more likely to turn to their
professional network, such as colleagues and esiEEsociates. By coming from similar
professional backgrounds, founders share narratteeies, and other cognitive dimensions
with their colleagues that enable them to workafiely together (Nahapiet and Ghoshal
1998). Founders can feel confident that their sifnal colleagues will provide assistance
in a timely and dependable manner (Uzzi 1996). Betsican benefit from their colleagues’

expertise when faced with specific issues thatireqelevant knowledge in selected
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industries or geographic regions (Schoonhoven nbeselt, and Lyman 1990). For these
reasons, | expect:

Hypothesis 3: Founders are more likely to turnheit professional colleagues than
other individuals to solicit external knowledge.

Scholars have shown that higher levels of humaralaamong founders increase the
likelihood for new venture survival (Briderl et &B92; Delmar and Shane Forthcoming).
One explanation for this relationship centers ow fmunders effectively assemble
knowledge in order to achieve organizing milestoBgsmarshalling expertise through their
professional networks, founders are likely to rdiselevel of organizational knowledge
required to sustain the start-up effort. With assise from recruited team members and
advisors, founders may efficiently identify newdircial resources, meet customer needs
through their intended products and services, agbtmate favorable terms with their
suppliers. For these reasons, | expect:

Hypothesis 4: As organizational knowledge increaBmasders are less likely to
abandon their start-up efforts.

DATA AND METHODS
| analyzed data from the Panel Study of EntrepreaeDynamics (PSED), a

nationally representative sample of nascent erdgrequrs in the United States actively
starting new businesses. To form the sample, astage design was used. In the first stage,
59,575 adults, aged 18 years and older, residitigmthe contiguous 48 states of the United
States, were selected between July, 1998 and Ja2@90 using random digit dialing

(RDD) methodology. These individuals completedra@aaing interview which contained
four qualifying questions. Individuals qualified mascent entrepreneurs if they expected to

be majority owners of new businesses they had aetvely trying to start within the last 12
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months. Owners reporting firms with positive caslwffor at least three months or majority
institutional ownership did not qualify. This iratiscreening interview resulted in a pool of
1,164 eligible individuals who could be locatedoffrthis pool, individuals were randomly
drawn and invited to participate in the full studtythis second stage, 830 individuals, which
included women and minority over-samples, complétedull survey, for a response rate of
71 percent. Respondents reported information e tiew ventures, team members and
members of their external support networks. Thevehsity of Michigan’s Institute for

Social Research oversaw the final data collectftorts. A complete description of the
study’s background, sampling methodology, and nespaates can be found in Gartner et al.
(2004b).

Due to various reasons, | dropped 23 cases frorfirthlesample. Fourteen cases of
the 23 cases were dropped due to lack of majowtyenship by nascent entrepreneur(s)
(seven cases), maturity of the new business basdu®@ months of positive cash flow (six
cases), or missing team data (one case) (Ruef20@8). After reviewing start-up activity
information, | dropped an additional nine casestdam four reasons: misinterpretation of
guestions (two cases), no reported start-up agfjihree cases), and start-up too advanced
based on timing of accomplished activities (foses). In my analyses, | used an effective
sample of 807 cases.

The nascent entrepreneurs in the sample respoade hame generator questions.
The first question asked for names of other indiald who would share in ownership of the
new venture. | refer to these individuals as membéthe start-up team. The second
guestion asked for names of people who have bdpfuhm the start-up process, but not

members of the start-up team. | refer to this $@tdividuals as the external support network.
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For both name generators, respondents could proyade five names and for each
individual identified, a set of name interpreteegtions were asked.

| utilized individual case weights calculated byg thstitute for Survey Research at
the University of Michigan for the PSED. These vimggaccounted for differences in
selection probabilities based on age, educatiae, r@nd sex (based on the Current
Population Surveys conducted by the U.S. Censustamnected for differences due to
differential non-response rates (Curtin and Reyn@l@04).
Variables

Human capital variables. | assigned two types of human capital variablesfmh
respondent, consistent with previous research @tied al. 1992; Colombo and Grilli 2005;
Schoonhoven et al. 1990). For general human captteg¢ated three variablesducationis a
five category variable (up to high school; vocasitstechnical training; some college; college
graduate; and post-college). Yeargieheral full-time work experien¢aet of managerial
experience) anthanagerial experiencare continuous measures (in years). For specific
human capital, | created four variablaslustry work experiends a continuous measure (in
years).Previous start-up experiencg a dichotomous variable (1=yes). To assessffaete
of current business ownershipdeveloped a four category variable based on the
respondent’s paid employment status: (1) people sel they were business owners or self-
employed with no other jobs; (2) owners or self-tayied persons who also worked for an
employer for less than 35 hours per week; and\8)eos or self-employed persons who also
worked for an employer for more than 35 hours peekv This distinction provides the
ability to assess whether respondents rely on iadditexternal knowledge given their level

of dedication to the start-up attempt. | also deddbunders wheompleted classes or
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workshops on starting a business a dichotomous variable (1=yes). Education (bwthal
and business start-up), general and manageriatierpe, and current business ownership
information were available only for the respondent.

Knowledge contribution variables: Respondents provided information on four types
of organizational knowledge contributed by eacmt@ember and supporter to their start-up
effort. | designatethformation and advicandtraining in start-up related business skidls
general knowledge contributions gpiebviding business servicandhaving previous start-
up experiencas specialized knowledge contributions. | creatgmhrate dichotomous
variables for each team member to indicate whetlemtribution was made (1=yes). | also
totaled the number of contributing team membexgéate a continuous summary variable
for each type of knowledge contribution. | repedtad procedure for the set of supporters.
For solo start-ups and those without any suppqrtessumed the start-up effort did not
receive any external knowledge contributions. Themtributions were coded as zero.

Relationship characteristics variables: | created a set of variables describing the
dyadic relationship between the respondent and teamber or supporter prior to joining or
assisting the start-up effort. For start-up teanmimers only, respondents reported role
relations between ego/alt&espondents chose from five categories (spousefrart
relative/family members; business associates/wollk@agues; friends/acquaintances;
strangers before joining the team) to describe edelionship within the start-up team. |
combined the first two categories (i.e., familyflameated a four categotgam relationship
variable. For the support network, respondentsrtegdaole relations between ego and alter
from the following six categories (spouse/partmelative/family members; business

associates/work colleagues; friends/acquaintarieasher/counselor; other type of
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relationship). | combined the first two (i.e., fayliand created a five categasypport
relationshipvariable. Fourteen new ventures reported havingraperson team member
holding a minority ownership stake (e.g., finananaititution, business). For these cases, |
excluded the relations between other team meminelrs@n-person entities.

Team sizevariables: | includednet start-up team sizeased on the number of owners
(excluding the respondent) and thgport network sizbased on the number of supporters
reported. Because name generator questions dichpaire the full information on
contributions for 39 respondents who repottasting more than five supportelscreated an
indicator variable to mark these cases.

Control variables: | included three control variables. To accountdibferences in
knowledge requirements across industries, | creafedr categoryndustrial sectormeasure
(primary/manufacturing; retail/wholesale; consursgpport services; professional services)
based on 1997 NAICS coding scheme. | includiegghnizing timeto account for the length of
time founders have been working on their ventuRespondents reported if and when 25
start-up activities (e.g., purchasing raw mateyialgting a business plan, etc.) occurred. |
calculated organizing time based on the numberasfths between their earliest reported
activity and time of interview. (See Appendix A fdetails.) | took the natural logarithm of
organizing time to correct for skewness. Finallgrdated an indicator variable to distinguish
the 13 percent of new venturaiiliated with an external sponssuch as a franchisor or
multi-level marketing firm. | included this variabto account for founders who may have
access to a wider network of resources through sp@insors.

| provide descriptive statistics for these varighle Table 3.1. A sizeable proportion

of founders have some form of previous start-uppg@@ent) or current business ownership
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(46 percent) experience. Forty-two percent of faradhave completed a course on starting a
business. On average, start-up teams are relasusdll, with founders working in teams of
less than two and receiving assistance from twpaters. Approximately 60 percent of the
new ventures are in the consumer or professiomaices sectors.
[INSERT TABLE 3.1 ABOUT HERE]
ANALYSIS AND RESULTS

To test Hypotheses 1, | estimated the relationBbtpreen the respondent’s human
capital variables and the number of additional memslof the team and support network
recruited to the start-up effort (Table 3.2). Sittoese are count variables, | used negative
binomial regression models to estimate these oglshiips (n=792, based on listwise
deletion). Based on regression diagnostics, | didobserve any indications of collinearity
(VIF values were less than two).

[INSERT TABLE 3.2 ABOUT HERE]

As predicted in Hypothesis 1, increasing humantabgecreased the likelihood of
recruiting additional members of the team and stppetwork. Founders with previous and
current start-up experience were less likely toug@dditional team members (Model 1).
The expected number of additional team membersdsed by 16 percent (i.e., 100*e¥p
1) for founders with previous start-up experiencd by 25 percent for founders who
currently own a separate business. Founders witle geeneral full-time and managerial
experience were less likely to recruit supportdtedel 2). These negative relationships
suggest that founders who had sufficient accumdlexperience were less likely to solicit
external assistance. However, the influence of eapee differed between team and support

network recruitment. Specifically, founders witlegter specific human capital were less
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likely to recruit additional team members, whil@ifolers with greater general human capital
were less likely to solicit assistance from theipgort network.

The one exception to this explanation was educakonnders with higher levels
education were more likely to recruit an additiorg@m member (Model 1), but education
had no effect on recruiting supporters. Dependmghe level of education, the expected
number of team members increased by 35 to 62 pei©eer possible explanation for these
divergent results centers on the relevance of hurapital acquired through education about
the start-up process. Although they learned baglis $hrough classroom training, founders
may still need to recruit additional team members th a lack of relevant business training
in their curriculum. Unfortunately, respondents dat provide more specific educational
background information, such as their majors or gleted courses to test this explanation.
Alternatively, more highly educated founders magddg from their larger social networks
and have more opportunities for collaborations.

[INSERT TABLE 3.3 ABOUT HERE]

To test Hypotheses 2 and 3, | estimated the relstiip between founders’ human
and social capital and the type of knowledge treuaed. Since the outcome variables were
dichotomous, | used logistic regression models {i®4f8r team members; n=478 for
supporters — based on listwise deletion). In thesesets of models, | restricted the analyses
to only team-based start-up attempts and atterhptseported working with at least one
external supporter respectively. Because informagioout contributions from members of
the team and support network was nested in staattempts, | clustered the analyses by

each attempt to account for the non-independencm@montributors and used the
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Huber/White/Sandwich estimator of variance. In €aRi3, | present results from these
analyses.

In Hypothesis 2a, | predicted that as founders’ &nmapital increases, general
knowledge acquisition will decrease. | found padigoport for this hypothesit terms of
general knowledge contributions, founders’ genkuashan capital had little impact. For each
year of managerial experience, the odds of requestilvice from their team members
decreased by three percent (Model 1a). With treginmulated experience, founders may
rely on their personal skills and general busiraessnen rather than actively recruit
additional team members primarily for the advioeytkan contribute. Highly educated
founders were also less likely to request extdonalness training.

Specific human capital, however, influenced bodmtenember and support network
recruitment for general knowledge. The odds wepr@pmately 50 to 80 percent higher for
founders who completed a business start-up coarsave a team member or supporter
provide advice or training in start-up related bess skills (Models 1b, 2a, 2b). Contrary to
expectations, founders’ industry experience hadgative relationship with having
supporters provide information and advice (Modgl One explanation for this negative
relationship may be attributed to the lack of ps&mi in capturing the type of information
and advice offered. Respondents may have repdreeextent to which their supporters
contributed general information and advice. Expexgel founders may have already
established considerable understanding of theustrgl and have little need initially for
general advice. Based on these mixed results nidq@artial support for Hypothesis 2a.

| found stronger support for Hypothesis 2b. Higleeels of founders’ human capital

tended to increase the likelihood of specializedvwedge contributions by members of the
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team and support network. In terms of general hucagital, depending on the level of
education, the odds of recruiting both membersiefttam and support network to provide
business services to the start-up effort increagetl8 to 2.3 times (Models 3a and 3b). For
each year of managerial experience, the odds afitixy both members of the team and
support network who have start-up experience irsg@dy about two to three percent
(Models 4a and 4b). This positive relationship mefiect a greater willingness of
experienced founders to organize their emergingnbsses by delegating to their more
experienced team members. Contrary to expectatigiser education produced a negative
relationship for founders recruiting a team memiién start-up experience.

For specific human capital, the odds of recruitinigam member to contribute
business services to the start-up effort increagedtiree percent for each year of industry
experience (Model 3a). Entrepreneurs with signifigadustry experience have a greater
understanding of specific business services to eymliring start-up and may seek these
skills among potential team members. For founddrs ewned a business and worked for
someone else full-time, the odds increased by alf®percent (Model 3a). Having previous
start-up experience nearly doubled the odds thatders recruited supporters to contribute
business services to the start-up effort (Model Bbunders with start-up experience also
were more likely to recruit team members (3.5 timg$ikely) with start-up experience
(Model 4a).

| found partial support for Hypothesis 3 whereédlicted that founders looked to
their business associates and work colleaguesfuergl knowledge contributions. Founders

were 3.3 times as likely to have a colleague (caepbto strangers) as team member provide
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information and advice (Model 1&Founders were over six times as likely to haveaaher
or counselor as an advisor to provide trainingamtsup business skills (Model 2b).

Contrary to expectations, when recruiting for basmservices contributions or start-
up expertise, business colleagues did not prodstatiatically significant relationship for
either team members or supporters. Instead, stramgere more likely than family and
friends to be recruited for their business servamdributions (Ruef et al. 2003). Based on
these results, founders sought out highly skileadrt members by foregoing their business
colleagues in favor of strangers.

In Hypothesis 4, | predicted that as organizatidmalwledge increased, founders
were less likely to abandon their founding attemptstest this prediction, | estimated the
relationship between organizational knowledge &edate at which founders quit the start-
up process. Respondents became at-risk for quittieig new ventures after the first
gualified start-up activity occurred. (Refer to Agoplix A for details.) The outcome event
was whether respondents quit their start-up effértotal of 311 respondents reported
quitting their new ventures. | updated support meknand team covariate information at the
following time points: start-up team formation dataterview dates (up to four), and quit
date (if applicable). For the control variables &iship variables among team and support
networks, | used their initial values and did nptlate them over time.

| assumed all start-ups started as solo ventuitagliyn Team size was updated at the
time of start-up team formation. For 101 casegaedents reported start-up team formation
as their first start-up activity. For these casessigned team size reported at the first

interview for the initial spell. For 152 cases,pesdents reported forming a start-up team

! In Model 1b, due to lack of cases where advisdrs wontributed to information and were not previpus
connected to the respondent, | used “friends/act@aaces” as the reference category.
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prior to the initial interview, but reported beiagolo owner at the first interview. Because
the respondent did not provide any information lwgirtformer teammates, | assumed team
size to be one since the beginning of their stpréaativities. For teams that experienced
ownership changes after the first interview, | assd they occurred shortly after the last
recorded interview, because respondents did nolodis when any changes in ownership
occurred. For example, if the respondent report@dawners at the second interview, |
assigned the value of two for team size betweefitsteand second interview spell.
[INSERT TABLE 3.4 ABOUT HERE]

In Table 3.4, | report results for the piecewispanential models. The underlying
functional form follows a non-monotonic trajectagnsistent with the liability of
adolescence theory (Bruderl and Schussler 1990¢t8tombe 1965). Ventures between 24
and 48 months in age quit at over four times (erg***’®— based on Model 1) the rate of
younger ventures between 0 and 12 months of sparfter peaking during the 24 to 48
month time segment, the rate of quitting decredsedentures greater than 48 months.

In these four models, | used continuous summarngabias that are based on the
number of team member and supporters who contditotéhe founding effort. | found
general support for Hypothesis 4. In Models 1 andircluded the four types of knowledge
contributed by members of the team and supportaré&tvespectively. For each additional
team member that contributed information and advloe hazard rate decreased by 20
percent. In both models, for each additional teaemimer or supporter who provided
business services, the hazard rate decreased by4and 20 percent, respectively. In
Model 3, when both sets of contribution variablesenvncluded jointly, the magnitude of the

hazard rates remained fairly similar. In Model #ydluded the founders’ human capital
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variables. The hazard rate for information and egleontributions increased (to 30 percent)
and business services contribution for team menddigistly weakened (to 35 percent). The
statistical relationship for supporters was no Emgjgnificant.

By comparing these results with those reportedabld 3.3, a more nuanced
explanation of founders’ human capital emergednéeus appeared to rely on different
approaches to acquiring the two forms of extermavidedge that reduced the hazard rate. To
recruit team members for information and advicenfters primarily relied on their
professional network (Model 1a). In contrast, torué team members for business services
contributions, founders’ human capital, rather ttiair professional relationships, produced
significant results (Model 3a). These divergentlamations suggest that founders may need
to selectively rely on their existing professionatwork to acquire external knowledge.
Additionally, although founders were more likelytton to strangers for business training,
this particular contribution did not reduce the dralzrate of quitting.

Among founders’ human capital variables, only sfiebiuman capital reduced the
likelihood of abandoning the start-up effort (Modg! All three current business ownership
variables generated statistically significant lielaghips. Depending on the level of
commitment, current business ownership reducetidkard rate by about 60 to 70 percent.
Founders who ran separate businesses benefitedHnspecialized “on the job” training.
Current business ownership also implied a greagres of success in the founders’ prior
start-up experiences. Because of its quality alevaace, founders could directly transfer
lessons learned from their concurrent businesdveweent to their new start-up efforts.

In contrast to current business ownership, prevetag-up experience generated no

statistically significant results. Although foundewith previous start-up experience
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abandoned at a slower rate, recruiting membeiseofeam and support network with
previous start-up experience had no impact. Theemsistent with earlier findings (e.g.,
Schoonhoven et al. 1990). One explanation may ft@mthe likelihood that the previous
start-up experience measure captures mainly faitesnpts (Kim, Aldrich, and Keister
2006). Reynolds and White (1997) reported approteigane-half of nascent entrepreneurs
abandon their start-up efforts. Facing the lialesitof newness, newly formed organizations
still encounter high risks of failure. Because pihevious start-up experience measure in
PSED did not distinguish between successful anedattempts, alternative explanations
cannot be analyzed more thoroughly. However, tble ¢d a significant relationship may be
due in part to the inability of nascent entrepreséa learn sufficiently from their start-up
experiences or to apply what they learned to thwairent start-up effort. Perhaps the previous
start-up efforts did not last long enough to geteespecific organizational knowledge to
transfer.

Alternatively, the quality of the start-up experermeasure is unclear. Experience
may range from working as an employee for a nesyntied firm to having direct day to
day operational decision making responsibility asaamager or owner in new ventures.
Again, this particular measure in the PSED doegprmtide this level of distinction. Given
Delmar & Shane’s (Forthcoming) non-linear findirag $tart-up experience, current business
ownership, rather than prior start-up experienceyides a better indicator of what type of
start-up experience has a stronger influence aegm@neurial survival.

Founders benefited from two other forms of spedifimman capital. The completion

of a business start-up course reduced the haz@rthyalmost 30 percent. Industry work
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experience also reduced the likelihood of abandptiie start-up effort. For every year of
average team industry work experience, the hazdeddecreased by about three percent.

In terms of results for the control variables, liagard rates for start-ups affiliated
with an external sponsor were higher tlhi@novounaffiliated start-ups. Additionally, hazard
rates for larger start-ups were also higher. Urflessders recruit and receive relevant
organizational knowledge from their teammates,daggart-ups are more likely to fail
potentially due to coordination issues among teaambers. Knowledge specialization
allows each team member to fulfill specific rolesstart-up teams. Without the
specialization, nascent firms cannot develop theganizational infrastructure and overcome
their “liability of newness” (Stinchcombe 1965).

DISCUSSION

In this study, | explored how founders’ human calgitfluences their entrepreneurial
decision making in terms of their ability to acquexternal knowledge. In summary,
founders with higher levels of human capital wessllikely to recruit additional team
members or solicit advice from experts. Howeverewbxternal knowledge was sought,
founders were guided by their specific human cagRaliance on business associates and
strangers differed on the form of general knowlesigiecited. Founders in start-up attempts
supported by general knowledge contributions (imi@tion and advice) and specialized
knowledge (business services) were less likelyoamdon their ventures.

| highlight several features of the PSED study gie$o describe the context for
which these results should be evaluated. Addresssugs related to these design features
can also serve as the basis for future reseandt, Because respondents reported

information for each alter and relationships betwakers, the PSED collected only one slice
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of the respondents’ cognitive social network (Kiaaidt 1987). Respondents did not
distinguish whether supporters nominated throughntmme-interpreter questions were
recruited by other team members. Respondents pantime attributes for alters, such as
their gender, racial, or family relations, with nmral uncertainty (White and Watkins 2000).
However, when requesting more detailed informafguth as educational and financial
background), ego-based reports will likely resnliricreased non-response or measurement
error. Collecting this type of information wouldoére alters to be interviewed directly.

Second, because the survey design utilized an &ggdidata collection strategy, |
assumed that the respondent (ego) was the primmangér of each new venture. This
allowed me to take advantage of the complete hurapital information available for each
respondent. Without additional information on direcality, | also assumed that ego
initiated the recruitment of alters. If human capibformation was available for alters, |
could assess whether founders sought complemeskgis/and training backgrounds if
human capital effects were consistent in both timas. A complete network study may
identify additional insights on how alters perceikieir recruitment and knowledge
contributions.

Third, additional precise measures of both hunegital and organizational
knowledge measures could yield deeper insightserins of human capital, specific
information on educational accomplishments, sucma®rs and concentrations could help
identify whether founders received training in atigalar field of study. Measures of success
in previous start-up experience may be conveyeamtir length of spells in prior business
ownership, work in start-up environment, or priosimess revenues and assets (Carroll and

Mosakowski 1987; Dunn and Holtz-Eakin 2000). Imterof knowledge contributions,
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distinguishing which types of advice and businessises offered by members of the team
and support network can further enhance interpogisof how founders’ human capital
influence their acquisition. For example, by knogvimhether founders solicited industry-
related or functional advice, influence of priopexience in these areas can be assessed.
Timing of when knowledge was sought and receivedldvgenerate further explanations of
how founders recruited external providers.
IMPLICATIONS AND FUTURE DIRECTIONS

In this paper, | use a competency-based frameveekplain how founders employ
their prior training and experiences to acquiremdl knowledge. | highlight five
contributions and implications to theory and preetiFirst, human capital theory has
emerged as one explanation of how and why invedsnemparticular types of training lead
to differential outcomes (Becker 1993). Labor madtadies traditionally have examined
human capital investment on personal income. Fgairozation and entrepreneurship
scholars, human capital theory can be used to dgeplanations for entrepreneurial entry
and survival (e.g., Gimeno et al. 1997). Are thgaicular training regimens or trajectories
that lead to more favorable entrepreneurial outmee to better decision making and
knowledge acquisition capabilities? Based on tlaesdyses, | suggest that founders with
varied training and experiences spanning both géaed specific knowledge are well
positioned to make decisions leading to successw ventures.

Second, some scholars have argued that havingpesieurial family background
provides a setting for acquiring relevant organdet! knowledge. Children can learn
business skills from their parents, especially loyking for them during their adolescent and

young adult years (Aldrich, Renzulli, and Langt®@9&; Carroll and Mosakowski 1987).
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Dunn & Holtz-Eakin (2000) argued that individualgwparents who are successful
entrepreneurs (measured by the period of paregifaésiployment, business assets, and
business income) are more likely to become entrems themselves. Sgrensen (2007) also
reported that family background is positively asatad with first entry, especially when
parents are self-employed during and after theldidn’s adolescence. If founders with
entrepreneurial family backgrounds benefit frons tieirm of training, human capital
acquired during their adult years is likely to fence this earlier training (Aldrich and Kim
2007).

Third, in this analysis, | assume that prior traghand experience provide a setting
for founders to develop heuristics to employ wharefl with making important decisions in
their start-up efforts. However, what remains uackre the mechanisms by which founders
develop these “knowledge structures” that allownthie make decisions effectively and
efficiently (Walsh 1995). Integrating human capdald managerial cognition theories can
lead to a deeper understanding of how foundersictheir knowledge structures and
whether specific knowledge structures lead to falblar entrepreneurial outcomes. For
example, founders who start new businesses in indsisvith established dominant designs
are more likely to imitate these practices (Aldrastd Ruef 2006).

Fourth, in this analysis, | argued that foundexgehtwo short-term, low-cost
strategies available to them for acquiring extekmalwledge. This competency-based
framework can be extended to assess whether fasifdenan capital influence their longer-
term strategies, such as hiring employees or inw#gr@ contractors and purchasing
specialized business services. | have also reféorstdort and long-term strategies somewhat

generically. The timing of both sets of knowledgeusition strategies can also be explored
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in greater detail by examining whether certain sypeknowledge affects other milestones
during the start-up process.

Finally, founders form teams and work with suppartegased on their prior
relationships (Ruef et al. 2003). However, it i$ dear whether accessing external
knowledge through these relationships benefit tumdling process. Although working with
business colleagues to gain counsel and adviceeddthe hazard of quitting, none of the
external knowledge contributed by members of taentand support network had a similar
effect. Are entrepreneurs able to weigh the bemefitvorking with individuals within their
social and professional networks with the qualityheir contributions? Founders are
unlikely to make such decisions while embeddedair tnetwork of professional
relationships (Granovetter 1985). Although found®sefit from the social capital generated
through their existing relationships, founders mageive higher quality contributions if the

recruiting decision is made independent of thdatienships.
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CHAPTER 4: OPEN FOR BUSINESS - FOUNDING PROCESSES AD

ORGANIZING ACTIVITIES IN EMERGING ORGANIZATIONS

INTRODUCTION

In the fall of 1999, John Kim met with two colleagufor dinner to discuss the
possibility of starting a new business (Morse aird R006). As a ten year veteran of IBM
Korea and KPMG, Kim perceived an opportunity toelep a web-based “back office”
software solutions targeted at the business tambasimarket in South Korea. Kim and his
colleagues spent the rest of 1999 exploring thismi@l business concept. By February of
2000, they filed the necessary papers with the &oi¢ational Tax Service in order to
register NeoGenius as a legally recognized enfthgy also secured office space, purchased
computer equipment, and drew from their personahga to use as initial capital for
NeoGenius. During the spring and summer of 200®fdhnders of NeoGenius formed
partnerships with other established software vesdided patents, and raised additional
angel funding. In November of 2000, Kim and higtstg team launched NeoSite,
NeoGenius’s flagship software product designedutoraate back office operations for firms
in the South Korean textile industry.

From a process perspective, entrepreneurs exeautiple start-up decisions to
guide their emerging organizations a series of ldgveental stages and transitions (Hannan
and Freeman 1989; Reynolds and Miller 1992; Ru8620As highlighted by the case of

NeoGenius, founders attempt to mobilize suffici&sources, secure appropriate legal



recognition, create awareness among potential ©1es®) and negotiate favorable terms with
suppliers in order to develop their entrepreneumi@ntions into established, viable
organizations. Because these start-up activitiesighly interdependent, founders may not
guide their emerging organizations on a linear thgreental trajectory (Aldrich and Ruef
2006; Weick 1979). Founders may delay certain diets/or pursue multiple organizing
pathways concurrently because of unexpected cantiigs or limited resources (Baker,
Miner, and Eesley 2003). Founders may also repgaih@ing activities already once
accomplished, such as making improvements to ptatksigns, to generate multiple
feedback loops during the founding process (ChiNesyer, and Hench 2004).

In this chapter, | propose a multi-dimensional ,geiss-based approach to studying
emerging organizations. | draw on process meth@uesao integrate multiple organizing
events to provide a richer and more complex desonwf the emergence process (Van de
Ven and Engleman 2004). By integrating multipleammging events, | avoid focusing on a
single discrete to mark organizational foundingaririthis perspective, | assume that
organizations emerge as founders execute plarantplete their organizing activities.
Within this framework of analyzing multiple orgairig events, | can also make inferences
about an implicit ordering of these events. | UBg process-based approach to align my
empirical analyses more closely with theories gfamizational founding (Aldrich and Ruef
2006).

To define the concept of organizational emergehdsgw on statements used to
define established organizations. As the youngeshbers in an organizational population,
emergent organizations should exhibit many of ttoperties normally associated with their

older organizational counterparts. Definitions gfanizations may vary in theoretical



emphasis, but they share a set of common elenf@rganizations argoal-oriented
boundedentities, and participate axchangeactivities across organizational boundaries with
their environment (Aldrich 2006; Pfeffer 1997; Sct®92). | treat emergence and its three
dimensions as latent variables to form a measuremedel based on multiple observable
founding events. As a continuous measure, the Evelganizational emergence depends on
the extent to which founders progress through agreéntal stages and complete various
organizing activities.

My approach addresses two empirical challengest,Fesearchers have not agreed
on standard indicators to mark organizational fangdBased on their theoretical
perspectives, researchers recognize emergent aggimms differently. For example,
institutional theorists may emphasize adherenceduolatory frameworks, such as filing
incorporation papers or obtaining business licetseperate (Scott 2001), whereas resource
dependence theorists may stress marketing acganbl,as meeting with prospective clients
to establish the visibility of the new venture (e and Salancik 1978). Resource-based
theorists may focus on the generation of core nestisuch as unigue capabilities to generate
competitive advantages (Barney 1991; Nelson and&Vi882). In contrast, organizational
ecology theorists may utilize population-specifierts, such as the commencement of
production to indicate establishment to other mesbetheir organizational environments
(Hannan and Freeman 1989).

Second, researchers often define firm foundingdbasea single event for empirical
convenience (Ruef 2005). To observe detailed orgamiactivities, researchers require
appropriate empirical strategies to identify emegdirms early enough in their founding

process. Researchers are also faced with theudifés of collecting information on short-
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lived attempts when approximately 50 percent ohtbng attempts fail to progress beyond
initial organizing efforts (Aldrich and Ruef 200Bgynolds and White 1997). Furthermore,
after identifying the entire risk set of emerginganizations, researchers must employ
resource-intensive data collection procedures lectanformation on multiple start-up
activities.

To avoid these empirical difficulties, researchers to archival data sources as a
more convenient alternative strategy. Because \athources typically contain limited
founding information, researchers must assumefitatfounding occurs with a single event.
Using this assumption, researchers can devote attmetion to organizational dynamics that
occur in later stages of the organizational liféey@ldrich and Ruef 2006).

In the following sections, | describe the importamé understanding the organizing
stage within the larger context of the organizadldounding process. Drawing on
organizational theory, | develop the concept ofanigational emergence and its three
dimensions. | test this model of emergence usie¢Pénel Study of Entrepreneurial
Dynamics (PSED), a nationally representative sampitescent entrepreneurs actively
starting new businesses in the United States. Afsmussing results from this analysis, |
conclude with the implications of using an emergefnamework in organizational studies.

ORGANIZATIONAL FOUNDING AS A MULTI-STAGE PROCESS

To place this study within its proper context, glmeby outlining a process model of
organizational founding. This model is based onasgumption that new organizations
emerge and this emergence is characterized byes sérdevelopmental transitions (Aldrich
and Ruef 2006; Reynolds and Miller 1992). The firahsition in the process model occurs

when individuals consider a transition into enteg@urship. This decision may result from
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deliberate planning or can occur serendipitousk@ et al. 2003). If the decision leads
individuals to undertake specific steps to stdrtisiness, they become nascent entrepreneurs
(Reynolds 1994). As nascent entrepreneurs, thefpaosed on transforming their
entrepreneurial intentions into viable new ventuFeginders encounter organizing
challenges such as mobilizing resources and dewgjdpeir product or service offerings.

The second transition in the process model oc¢ansd when founders successfully

organize their new ventures. At this transitionyriems emerge as established entities and
face internal and external issues of growth andigai: | now turn to a more comprehensive
account of the organizational founding process.

The founding process begins when individuals mhkée tecisions to start new
businesses. Individuals evaluate several factacd) as financial resources and liquidity
events (Stuart and Sorenson 2003), work experi@régler! et al. 1992), and abilities to
uncover business opportunities (Shane 2003) ascibregider this transition. Individual may
also be influenced by their family backgrounds ¢/l et al. 1998; Sgrensen 2004), career
trajectories (Carroll and Mosakowski 1987; Dobraed 8arnett 2005), and where they plan
to locate their new businesses (Sgrensen and Sor@0e3). Prior to making the transition
to entrepreneurship, individuals may seek stantegpurces, acquire necessary skills, and
build their social networks to increase the likebl for establishing successful new firms. In
these situations, individuals identify opporturstend then proceed to organizing their new
ventures (Shane 2003).

Some individuals may decide to start a new busingts®ut intentional planning.
While those who follow aesign prior to executio(DPE) model identify a particular

business opportunity prior to entrepreneurial erfiynders who encounter unplanned
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business opportunities may leadnprovisational foundinggBaker et al. 2003). In these
situations, entrepreneurs transition to entrepnesingo as a response to unexpected
opportunities, such as existing clients offeringqugunteed work and seed money to launch a
new venture. Because some organizing actions ntaglacprecede the decision to start a
new business, founders involved in improvisatidoahdings may blur distinctions in the
founding process.

After making the initial decision to start a newsmess, founders proceed to
organizing their new ventures with the goal of fargestablished and independently
organized entities. During this period, foundexsefahallenges of accomplishing various
start-up activities required to create operatingpaizations. In one study by Carter, Gartner,
and Reynolds (1996), using a sample of 71 nascerg@eneurs drawn from two larger
representative samples, founders who reported mgram operating business accomplished
more activities than individuals who abandonedrtbtirt-up efforts. The founders who
reported operating businesses engaged in resouroization activities, such as securing
financing, purchasing supplies and equipment. bitewh to generating revenues, founders
also developed an infrastructure in their operatinginesses through legal incorporation and
start-up team recruitment.

During this organizing period, founders promoterteenerging organizations to
others. Founders who engage in legitimacy-enharaxtigities, such as obtaining
accreditations, securing endorsements, and atigpfeivorable press reviews can develop
entrepreneurial storieabout their new ventures (Lounsbury and Glynn 20B4r example,
Rao (1994) chronicled how automobile manufactupetsveen 1895 and 1912 earned

credibility and enhanced their reputations by cotimgeand winning various certification
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contests. Founders can use these citations to laathnition and communicate with other
prospective stakeholders. Founders who completenaal business plan can offer this
document as a tool to communicate product conceEeagement team backgrounds, and
financial projections when meeting with prospecfimanciers and customers
(Castrogiovanni 1996).

As they organize their new ventures, founders déselop strategies with an eye
towards survival if their firms commence operatidngially, because of coercive, mimetic,
and normative isomorphic pressures, founders ikély craft entrepreneurial strategies that
resemble those of other established organizatiathsrnvtheir populations (DiMaggio and
Powell 1983). Pressured by constraints imposedbgming bodies, founders in highly
regulated industries respond by following proveatsgies executed by established
organizations. Because most new businesses re@@digting organizational forms and
operational procedures, founders imitate stratagiptemented by successful prior
foundings and learn from prior disbandings (Aldrasid Ruef 2006). Founders may draw on
their work experience in similar industries anddal established professional standards in
their new ventures. Founders of new ventures vaithical innovations resulting in new
organizational forms and entering new populaticarmot rely on these established strategies
and face the added difficulty of developing effeetstrategies of survival and growth.

After emerging into established organizations, fiews continue to face internal and
external issues of growth and survival. New firrtreggle to secure resources within their
populations as selection pressures continue t@btfése newly established organizations
(Stinchcombe 1965). According to density-dependdineeries, firms disband at much

higher rates in new populations due to lack oftlegicy, while new organizations entering
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dense populations disband more frequently duetém&® competition (Hannan and Carroll
1992). Disruptive events such as management chamgjes founding team, shifts in
regulatory oversight, or the introduction of congrete-destroying innovations by competing
organizations may affect the disbanding rate an@vtir of these new organizations
(Anderson and Tushman 1990; Mezias and Boyle 20Gisserman 2003).

In the following section, | focus specifically dmet period when founders organize
their new ventures and propose a framework forraegdional emergence. In this process
model, | provide an alternative approach to exanginhe development of start-up efforts
into newly created firms based on the organizirttyiies founders undertake.

DEFINING A FRAMEWORK FOR ORGANIZATIONAL EMERGENCE

New organizations are established when their fotsndemplete their organizing
activities and commence full operations. Reseaschee two general approaches to identify
this transition. First, in survival analyses ofaddished organizations, organizational scholars
have relied on a single event to indicate whenmpgdions enter the risk set. With practical
empirical considerations in mind, researchers afiemarchival data sources and must rely
on key organizing events that are available inrttiaiasets to guide their selection of an
appropriate founding event (Hannan and Freeman)1888nding events often differ among
organizational forms, such as the commencementoafuetion for automobile
manufacturers (Carroll and Hannan 2000) and leggktrations for day care centers (Baum
and Oliver 1992). Similarly, management researcftengsed on organizational growth
identify new firms in general terms and often retytheir data sources for founding
definitions. For example, Bamford, Dean, and Dosi@2004) reviewed sampling frames in

studies spanning over two decades of researchoamd fa significant number of studies that
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used samples of firms based on arbitrarily assigregmds of time (e.g., “less than five years
old”).

As a second approach to defining time of orgarozati founding, entrepreneurship
researchers have used founders’ perceptions to wtagk new firms become operational.
For example, Carter et al. (1996) asked nascergmeneurs if their businesses were
operating, if they were actively organizing, or atdaned their start-up efforts. In their
examination of the relationship between busineasgand successful start-up attempts,
Honig and Karlsson (2004) used a self-reporteccetdr of operating status to measure if a
new firm was successfully founded. Researchersméud organizational founding with this
method are dependent upon their respondents usiagneon definition of organizational
establishment to self-report their founding stawghout this definition, researchers would
require supplementary information about how fousdatafined organizational founding to
interpret their self-reported status. Researchexddvalso encounter biases when confident
entrepreneurs overestimate progress and less eabfeunders underestimate their
achievements (Forbes 2005).

As an alternative approach to the two strategeestribed, | propose using an
emergence framework to mark the transition betweganizing and operating stages. An
emergence framework integrates multiple eventsks&r#éhe multi-dimensional nature of the
organizing process, and accommodates non-lineanaigg pathways. By relying on
multiple events, the emergence approach limitiele biases that result from using
samples of young firms based on arbitrarily desgigghdounding events. This general
framework applies across industries to avoid rg/yn founders’ perception and other

socially constructed conceptions of organizatidoahding.
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| define organizational emergence as a proces$ichwnascent firms reflect
characteristics of established organizations. Tmeept of organizational emergence has
three dimensions: goal orientation, boundednessirdar-organizational exchange (Aldrich
2006; Pfeffer 1997; Scott 1992). From this persgechew organizations that fully emerge
exhibit characteristics in each dimension. Goamation refers to the development of
organizations’ intended purpose and defining taoggtomes (Aldrich 2006). Newly
operating organizations show evidence of having goantation principally through
development of concepts into a viable product orise; creation of an organizational
identity and education of external stakeholdersugh external marketing; and establishing
priorities for mobilizing resources through awarenef their financial needs. These actions
increase emerging firms’ autonomy and enable tleeputsue their visions in a self-directed
manner (Lumpkin and Dess 1996).

Boundedness reflects the degree to which emerggnaations distinguish
themselves from other organizations within thewieanment. Aldrich (2006) emphasized
boundary maintenance activities that founders moasbmplish to allow new firms to stand
on their own, apart from their founders. Organizadil boundaries can emerge through
intentional actions undertaken by founders as agfulfilling requirements set by the
organizations’ environment. Intentional actions nraxolve separation of resources and
liability between founders and their emerging orgations. Founders can create access to
their emerging organizations for other actors sndhganizations’ environment such as
potential creditors, suppliers, and customers. Bading to legal requirements established

by the state also enables emerging organizatiogaitotheir own identity. Firm registration
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processes vary regionally, allowing entreprenenestablish organizational boundaries
more easily in countries with minimal requiremefidgankov et al. 2002).

Inter-organizational exchange captures the extemwhich organizations have
developed routines to engage other organizatiatarawithin their environment (Scott
1992). Because most organizations require exteesalrces to accomplish their goals,
organizations initially depend on other actorshiaitt environment (Pfeffer and Salancik
1978). Activities associated with this dimensiorogganizational emergence involve
transactions of resource inputs and product outpittsother actors in the organizational
environment. Beginning with few founding membersgeeging organizations resemiiena
fide groups(Putnam and Stohl 1990). Bone fide groups stamdoouheir dependence on
their immediate environmental context through sablt permeable boundaries.

Because emerging organizations are highly deperaetiteir surroundings, founders
initially rely on their personal social networksdevelop transactional relationships with
other organizational actors (Aldrich and Ruef 20@3)trepreneurs may attempt to expand
their network reach by seeking endorsements anaduttions. For emerging organizations
that survive and become established, the initfarmal network of relationships may evolve
into the core of a future inter-organizational exafpe network (Brass et al. 2004).

In addition to its three dimensions, the organaal emergence framework has two
additional features. First, the three dimensionsrghnizational emergence cannot be
observed directly. | use continuous latent varislibemeasure these constructs and link them
to observable activities associated with each dsiwen Second, the concept does not rely on
a single, discrete event that occurs at a giventpoithe organizing process. Instead,

organizational emergence begins with the foundeial activity and spans the entire
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organizing period. By defining these dimensions@sinuous measures, | can describe
organizational emergence as a process with a m@ngeermediate thresholds. In this process
model, activity occurrences represent increasiggrmeational emergence. Because an
emergence perspective to organizational foundihgsren a process-based approach, time
plays an important role in explanations based anftamework. In the following section, |
describe the role of time during the emergent geofonew firms.
THE ROLE OF TIME IN THE ORGANIZING STAGE

As they organize, founders make progress on tkeit-gp efforts by conducting
activities that lead to firm emergence. | exploogvhiwo temporal characteristics — length of
organizing time and sequential properties of orgagiactivities — may affect founding
outcomes.
Length of Organizing Time

The time spent in organizing affects whether fouasdi@ish organizing their new
ventures successfully. However, the mechanismstghnorganizing time impacts the
founding process remain unresolved. Hannan andiae€1989) offered three reasons for a
negativerelationship between organizing time and commenoperations. First,
opportunity costs, such as foregone salary, ineraadime spent on organizing increases.
Second, competitive pressures may intensify ag ethigepreneurs enter the same niche.
Third, initial planning and forecasts may no longeld as environmental conditions change,
especially when founders organize over a signitipgniod of time (Gartner and Carter
2003).

Ruef (2006) proposed the conceptatrepreneurial inertido describe how longer

organizing time maypositivelybenefit founders. With additional time to planyhalers can
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understand their competition more deeply. Foundanstake advantage of their longer
organizing period to enhance their ventures’ cnéitliland to secure sufficient resources for
a more effective launch. In highly regulated indiest founders require lengthy lead times to
prepare accurate applications for governing boalnekreceive approvals from them to
commence operations. Some founders may only watktipge on their new ventures until
they generate sufficient revenues to warrant furtinganizing. In these situations, founders
can explore the viability of a concept initiallytwout investing significant resources. For
concepts that appear promising, founders may dmece resources to develop these
opportunities into viable organizations.

Empirical tests of the relationship between orgagizime and founding outcomes
have produced mixed results, partly due to induspecific characteristics of the founding
process. While Ruef (2006) showed evidence of prereeurial inertia in foundings of U.S.
medical schools, Carroll and Hannan (2000) fourad thS. automobile manufacturers
followed a non-monotonic trajectory as they orgadiZ-or these manufacturers, the rate of
transition from preproduction to production stages low for short preproduction periods
(less than six months), then increased until prdyctbon periods reached six years, and then
subsequently decreased. Mode of entry may alseendle the relationship between
organizing time and founding outcomes. In Ruef@0®&) longitudinal study of MBA alumni
entrepreneurs, individuals who started firms indejeatly e novy make the transition
more quickly than individuals who organize new firthat spin-off from parent
organizations. As one explanation, in existing argations, individuals face structural
inertia from their existing roles that hinder th®ligy to create roles associated with new

ventures (Hannan and Freeman 1989).
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Sequential Properties of Organizing Activities

In addition to how long founders organize, the tineéween organizing activities
may also impact founding outcomes. Researchersxamine whether execution of
organizing activities exhibits properties of segiarordering. Through inductive
examinations, researchers can identify global secpigypes of organizing activity
occurrence. Clustering algorithms generate sequgpes based on user-supplied
assumptions (e.g., Abbott’'s (1990) Optimal Matchiechnique). Researchers can code these
sequence types for subsequent analyses or compduetively with theoretically derived
ideal-types (Pentland 2003). Other possible sedpl@rbperties include the pacing of
activities (i.e., time during or between activi)ielsequency of each activity (if repeatable),
or frequency of activities classified into categsri

Activity mapping may also reveal evidence of perfaancurrence (when activities
occur at the same time) or lagged concurrence (\aheactivity begins prior to the
conclusions of a prior event) (Ancona, Okhuysel, Rarlow 2001). For example, founders
may undertake four organizing activities spanningtiple sub-processes simultaneously.
Based on an inductive approach, several interpoetaexist for this scenario. A basic linear
interpretation suggests that the preceding andesuigst events treat the simultaneous
activity occurrence as one step in a unitary secgleBy relaxing the linear sequencing
assumption, an alternative explanation suggestsithto four pathways may converge at or
emerge from the simultaneous event occurrence.dMitbxplicit theoretical propositions to
generate rules to resolve simultaneous eventsciivduexaminations limit the derivation of

a comprehensive sequential explanation.
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In addition to mapping activities to time directBpole et al. (2000) suggested
examining specific subsequences of events andititenactions with external outcomes.
Rather than analyzing an exhaustive inventory o¥iéies for sequential properties,
researchers could select activities based on tiearetical importance. Analyses focus on
whether accomplishing certain activities predi¢ufa completion of additional activities.
Longitudinal analytical techniques integrate tengbdistances and determine sequential
relationships among organizing activities and betwactivities and founding outcomes.
With the availability of more detailed observatia@rsorganizing activities, researchers have
reported the impact of specific activities on cerfaunding events. For example, analyzing
a sample of Swedish nascent entrepreneurs, Delma8laane (2004) described how
legitimating activities such as completing a busgplan and establishing a legal entity led
to execution of additional organizing activitiesproduct development, marketing, and
obtaining raw materials and supplies. Using HararahFreeman’s (1989) sub-process
categories, Ruef (2005) noted a sequential orderfinigese ideal-type categories, based on a
sample of MBA alumni nascent entrepreneurs.

| extend Poole et al.’s (2000) approach to exangisiequential properties by
assuming that activity occurrence indicates indrggsrganizational emergence. | derive
sequencing properties by observing the extent iolwbrganizing activities are
accomplished at different levels of emergence. &atian inferring temporal ordering based
on a causal relationship (e.g., activity x leadadbvity y), | infer sequential properties by
comparing the probability of activities occurringaagiven level of emergence. Higher

probabilities of activity occurrence suggest eati@nporal ordering. Using this approach, |
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also avoid complications related to classifying4ioear activity progression such as
concurrent activity occurrences.

In the following section, | test this process moaolebrganizational emergence. The
organizational emergence framework bridges popriaind intra-population aspects of the
founding process. | contend that the dimensiorw@dinizational emergence — goal
orientation, boundedness, and inter-organizatierahange — apply across populations
because generic definitions of organizations aeel is define the concept. Testing for this
consistency requires a sample of emerging orgaaimafrom diverse industries. At the same
time, the organizational emergence framework caoramodate intra-population
differences. | expect the influence of organizimget and presence of sequencing properties
to differ across industries, due to unique charattes that distinguish organizational forms.
Population-level explanations such as density-dég@ece arguments may provide insights
into understanding these sequencing propertieswitarn to a description of my analytical
approach and report results for testing the procestel on emerging organizations.

DATA AND METHODS

| analyzed data from the Panel Study of EntrepreaeDynamics (PSED), a
nationally representative sample of nascent erdgrequrs in the United States actively
starting new businesses. To form the sample, astage design was used. In the first stage,
59,575 adults, aged 18 years and older, residitigmthe contiguous 48 states of the United
States, were selected between July, 1998 and Ja2@90 using random digit dialing
(RDD) methodology. These individuals completedr@aaing interview which contained
four qualifying questions. Individuals qualified mascent entrepreneurs if they expected to

be majority owners of new businesses they had aegvely trying to start within the last 12
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months. Owners reporting firms with positive caslwffor at least three months or majority
institutional ownership did not qualify. This iratiscreening interview resulted in a pool of
1,164 eligible individuals who could be locatedoffrthis pool, individuals were randomly
drawn and invited to participate in the full studtythis second stage, 830 individuals, which
included women and minority over-samples, complétedull survey, for a response rate of
71 percent. Respondents reported information e tiew ventures, team members and
members of their external support networks. Thevehsity of Michigan’s Institute for

Social Research oversaw the final data collectftorts. A complete description of the
study’s background, sampling methodology, and nespaates can be found in Gartner et al.
(2004b).

Due to various reasons, | dropped 23 cases frorfirthlesample. Fourteen cases of
the 23 cases were dropped due to lack of majowtyenship by nascent entrepreneur(s)
(seven cases), maturity of the new business basdu®@ months of positive cash flow (six
cases), or missing team data (one case) (Ruef20@8). After reviewing start-up activity
information, | dropped an additional nine casestdam four reasons: misinterpretation of
guestions (two cases), no reported start-up agfjihree cases), and start-up too advanced
based on timing of accomplished activities (foses). In my analyses, | used an effective
sample of 807 cases.

| utilized individual case weights calculated bg thstitute for Survey Research at
the University of Michigan for the PSED. These virggaccounted for differences in
selection probabilities based on age, educatiae, i@nd sex (based on the Current
Population Surveys conducted by the U.S. Censuktarrected for differences due to

differential non-response rates (Curtin and Reysn@ld04).
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Organizing Activity Variables

To construct my measurement model, | focused oe arganizing activities:
developed product/service; started marketing oflpct/service; created financial
projections; filed Federal income tax return; ogkhank account; established supplier
credit; generated revenues from sale of goodstssypurchased/leased/rented
equipment/facilities/property; and purchased raviemals/inventory/supplies/components. |
identified these nine activities based on explosaémalyses of theoretical linkages with the
dimensions of organizational emergender these data, | created a dichotomous variable
for each activity (1=activity took place). In thatial interview, respondents reported if the
activity occurred. In subsequent waves, respondeets asked the same question only if the
start-up activity was not reported to take placa previous interview.

| encountered three situations which contributechissing data for these nine
indicators. In addition to sample attrition andrntaon-response, a third source of missing
data resulted from survey design issues. In tlegimtfollow-up interviews, only a portion of
the sample was asked the start-up activity questidhthe beginning of these interviews,
respondents provided a self-assessment on the sifativeir new ventures using a four
category response. Respondents who indicated hayiag operating business or 2) who
classified themselves as actively trying answelnedstart-up activity questions. The
remaining respondents who reported 3) quittingnin@ venture or 4) classified themselves
inactive were not asked the start-up activity goest In the final wave, this screening

guestion no longer applied so that all respondeetmrdless of their status self-assessment

2 In the PSED, respondents provided information ®@janizing activities. The remaining 16 actistigere
not used due to their lack of theoretical linkagepoor model fit.
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were allowed to respond to start-up activity quesi Based on listwise deletion, only 515
complete cases were available (approximately 6&gmeof the sample).

Complete case analysis potentially produces biessadts due to its assumption of
Missing Completely at Random (MCAR) (Little and Ruli987). Additionally, because
many of the dropped cases have missing data folbses of the variables, valuable
information would be lost in complete case analyiisltiple imputation provides an
alternative approach to handling missing data andires less stringent assumptions of the
data (missing at random (MAR) conditions). | useel Multiple Imputation by Chained
Equations (MICE) algorithm written for STATA by Rstpn (2005), based on methods
outlined by Little and Rubin (1987), Schafer (19%f)d van Buuren (1999). | created five
imputed data sets from which | tested the followmnagdels (Allison 2001).

[INSERT FIGURE 4.1 HERE]
Path Diagram

In Figure 4.1, | diagram the relationships betwiege first order latent variables —
goal orientation, boundedness, and inter-orgamizatiexchange — with nine observed
indicators, along with the associated disturbaeoms. | include a second order latent
variable — organizational emergence — that inflesrtbe three first order latent variables. In
Table 4.1, | provide descriptive statistics for theent variables and their observed
indicators. Occurrence of these nine activitiethatfinal interview ranged from 68 percent
(filed Federal income taxes) to 92 percent (puretaaw materials, inventory, supplies, and
components).

[INSERT TABLE 4.1 HERE]
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Influence of Organizing Time

The sampling frame of the PSED focused on nasa@n¢preneurs who have been
actively starting a new business within the lastlw® months. Because qualifying for the
sample only required some recent activity, someergsentrepreneurs have organized for
longer than 12 months. To assess the impact ohaigg time, | included an exogenous
variable to create a MIMIC model. | tested the iotpat time as a direct effect on the three
first-order latent variables. Testing the diredeefs allows me to examine how organizing
time affects each dimension of emergence. To callewrganizing time, | determined the
earliest reported start-up activity date and coregbthe number of months from this date and
the date of the first interview. The earliest reépdractivity date was based on 25 start-up
activity variables. (See Appendix A for detail§he average organizing time was 43.3
months and ranged from 0.36 to 472.21 months. Duleet highly skewed distribution of
organizing time, | used its natural logarithm.

Equations

The measurement model represented in the gergratien,y = Ayn + €, does not
hold because the categorical variableg are not normally distributed (Bollen 1989). In
order to correct this violation, | replagevith y*, a vector of continuous latent variables that
are not directly observed, but rather underlieadbgerved categorical indicatosg.(
Therefore, the general model tested is based ofollbging equations:

y*=Ayn +e 1)
n=Bn+Ixa+{  (2)
X=§ 3)

To link y with y*, an auxiliary measurement model is used.
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oif y*<r, _ .
Yi = wherert; is the threshold value that determines the valyg o

1if r, <y, *°

In equation (1)y* represents a vector of 9 unobserved continuoastl@ariables of
organizing activities. The variablesyt correspond tg, a vector of 9 observed
dichotomous indicators\y is a vector of factor loadings associated withGhedicatorsny is
a vector of three first-order factors: goal ori¢iota (n1), boundedness)f), and inter-
organizational exchangegg). To distinguish the factor loadings and theirresponding
factor associations, | use the following subsaniptation:};, wherei is the number of the
observed indicator (yand j refers to the influencing facteg)( | assigned a value of 1 ig;,
A2, andAzz in order to scale the latent variabigsn,, andns. The measurement disturbance
term, g, is associated with each variableyin In equation (2)n4represents the second-order
factor (organizational emergencB)js avector of factor loadings on the three first-order
factors ), and( are disturbance terms associated with each fid#rdactor. x represents
organizing time and is a perfect measuré (gquation 3)I" is a vector of coefficients for x
on the three first-order factorg)( | assigned a value of 1 g in order to scale the latent
variablesn,.

Estimation

To estimate this MIMIC model, | used diagonallyigfged least squares approach
(DWLS). DWLS distributional requirements are notsésngent as MLE. Maximum
likelihood estimation (MLE) techniques require otvsel variables to have a multi-normal
distribution (Bollen 1989). However, with categ@liwzariables, these assumptions are
violated due to the non-continuous nature of theétbées. The covariance matrix pf does

not equal the covariance matrix of $hen order to estimate the covariance matriy*gfl
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calculated tetrachoric correlations, because aénked indicators were dichotomous.
Additionally, using a relatively large sample, tdiot face issues associated with small
samples when using DWLS. | utilized Mplus v.3, @rhrelies on diagonally weighted least-
squares with mean and variance-adjusted chi-sa@sdireation procedures to estimate
categorical endogenous latent variables. | idettithe model using the MIMIC and three-
indicator rules (Bollen 1989).
[INSERT TABLE 4.2 HERE]
RESULTS
Model Fit and Evaluation
| assessed overall model fit by evaluating fivesfatistics: mean correlation
residuals, Comparative Fit Index (CFl), Tucker-Lewidex (TLI), Root Mean Square Error
of Approximation (RMSEA), and model chi-squareTiable 4.2 (Model 1), | report values
of these fit measures for the overall model by agirg values across the five imputed
datasets. These statistics indicated a fairly diitig model. The mean value of the
correlation residuals was -0.01, with values ckoseero indicating good model fit. The
values for the CFI, TLI, and (1-RMSEA) statisticene at or above 0.95, a generally
accepted threshold for good model fit. However,dfagistically significant model chi-square
statistic indicated a poorly fitting model. Becatise other four model fit statistics indicated
good model fit, I attribute the statistically sificant model chi-square to excessive statistical
power from the relatively large sample (n=807). Thesquare test statistic may have
detected small departures in the implied covarianatix from the population covariance

matrix.
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Industry Similarity - Multiple Group Analysis

To assess model fit across industrial sectorsnélacted a multiple group analysis by
first assigning each case to one of four categeriggsmary/manufacturing/transportation,
retail/wholesale, consumer/support services, oieggional services — based on the 1997
NAICS coding scheme. | allowed factor loadings #mésholds to estimate freely across all
four groups to test measurement form invariance. mbdels for all four industrial sectors fit
well, suggesting form invariance across these grdgsed on the overall model. | report fit
statistics for the multiple group analysis in Tabl2 (Model 2). Mean correlation residuals
ranged from -0.01 to -0.02. CFlI, TLI, and 1-RMSE#ues were at or above 0.95. Again, |
attribute the statistically significant model clojusire to excessive power.

Testing measurement form invariance across all dategories required that all nine
start-up activities were theoretically appropriaithin each industrial sector. To test whether
certain activities were affected by population lestearacteristics, | tested an alternative
model. | allowed one indicator in each of the thd@eensions - y(created financial
projections), y (established supplier credit), ang(purchased raw materials, inventory,
supplies, components) — to vary in form acros$oaif categories. The level of importance
placed on these three activities can differ acpogrilations, whereas the remaining six
activities have generic qualities that apply acqpgsulations. For example, founders in
resource intensive industrial sector, such as namburing, may view these three organizing
activities differently than founders who start seevrelated businesses that require minimal
initial resources. For this revised analysis, mddaitatistics remained similar to the original

multiple group analysis (results not shown). Basedhese results, within each industrial
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sector, | conclude that emerging organizationstekgoal orientation, boundedness, and
inter-organizational exchange characteristics.

[INSERT TABLE 4.3 HERE]
Component Fit and Substantive Findings

In Table 4.3, | present model coefficients andrtRéivalues in columns 1 — 7 for the
overall model. In terms of component fit, | revielhe direction of coefficient estimates for
Ay and the squared multiple correlation coefficigi®§ for each indicator. Directionally,
each coefficient estimate appeared reasonableRTkielues indicated that the observed
indicators provided sufficient explained varianéeéhe underlying latent variables. AIFR
values were near 0.50 or greater. Furthermoree tvere no negative®Ralues or estimated
correlations between two variables greater than losecountered a negative residual
variance for the goal-oriented latent factor inrfsituations (overall model,
primary/manufacturing/transportation, consumer/supgervices, and professional services
industrial sectors). These values were close to aed not statistically significant. |
attributed these results to sampling fluctuatiool(@ 1989).

To assess sequential properties based on the éxtehich certain start-up activities
have occurred in emerging organizations, | tramséat factor loadings into predicted
probabilities. Because an auxiliary measurementeinads used to linlk andy*, the
transformation provided a substantive interpretatibthe impact of the latent variablg, &
organizational emergence) gnFor specified values of;, | calculated predicted

probabilities from the factor loadings based onfallewing formula:

Pr(y=1ha) = F[-(t-Ana)/sqrt)] 3)
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wherert is the threshold value fog,y is the factor loading forjynais the value of
organizational emergence, afé the residual variance of fMuthén and Asparouhov
2002). Because the model contained a second-aadtarf | accounted for indirect effects of
the second-order factoB) by multiplying these coefficients with their resyive factor
loadings. | use this valu@;t;) (shown in Table 4.3, column 4) for the factordey term

(%) in equation 3. The predicted probability is thenslard normal cumulative distribution of
calculated in equation 3, which is shown in Tabl®& 4olumns 8, 9, and 10. | used three
values of organizational emergence based on mslatd deviation ¢, 0, ando) in the
probability calculations and to calculate a ranfjprobabilities for activity occurrence. The
standard deviatioro] was 0.79 for the organizational emergence |dtator. | also
calculated marginal effects for each activity tplexe the range of probability change. In
columns 12 and 13, | show the actual and perceariggs in the predicted probabilities
between one standard deviation above and belom#as (hencefortho-to +o).

Based on the overall model (Table 4.3), | observedttern of organizing activities
among the three dimensions of organizational enmegeNew ventures started with goal
orientation activities (48 to 81 percent change) proceeded to inter-organizational
exchange activities (67 to 240 percent changebaaddary forming activities (154 to 1,130
percent). When the value of organizational emergeves set to one standard deviation
below its mean, the predicted probabilities weratgr than 0.50 for three goal orientation
activities and one inter-organizational exchandeigy. Although these results suggested a
general organizing sequence, industry level analgsevided a more comprehensive account
of these sequencing properties.

[INSERT TABLE 4.4 HERE]
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[INSERT FIGURE 4.2 HERE]

The results from the industry level analyses riagour types of sequencing
properties corresponding to each industrial settofable 4.4, for each sector, | summarized
the changes in predicted probabilities betweeto-+o. Smaller changes in predicted
probabilities indicated earlier occurrence of thasevities in the organizing process. In
Figure 4.2, | graphed the predicted probabilit@sdach industrial sector to show the
likelihood of activity occurrence during early orgzational emergence (three standard
deviations below the mean to the mean value ofrozgéional emergence). To improve the
clarity of the graphs, | displayed only selectedgability curves.

Emerging firms in primary, manufacturing, and tqam$ation sectors followed a
marketing andnobilization prior to sales (MMP$)rocess. Founders in these ventures began
marketing their products and services very earlyeir organizing stage. In Figure 4.2a, the
predicted probability curve for the marketing aityivs the left-most curve, indicating a high
probability of occurrence at low levels of emergenthe predicted probability for marketing
to occur at three standard deviations below thenmeses 0.58, which was the highest value
for any activity across all four industries at tl@sel of emergence. Several resource
mobilization activities followed, such as estahighsupplier credit, calculating financial
projections, assembling supplies, and securinggstg@and equipment. For these four
activities, the changes in predicted probabilifresn -0 to +o were low (0.51 or lower). |
offer one explanation for the sequence of theseures mobilization activities based on
Figure 4.2a. Initially, the predicted probabilityree for materials purchases remained above
the supplier credit curve (until@Zbelow the mean value of emergence). During thide

of emergence, founders acquired their initial atlent of raw materials and supplies using
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personal resources. Through initial marketing é$fdiounders attained some legitimacy with
their suppliers who provided credit to the new hass for additional purchases. At two
standard deviations below the mean level of emegehe curves for materials purchases
and supplier credit intersected. With the highlegllhood of supplier credit availability,
founders began to acquire property and equipment.

When compared to the other three sectors, revesergtion occurred latest in the
emergence process for the primary, manufacturing tinsportation sectors. Although
initial sales took place relatively late, the likelod for founders to generate their initial
revenues happened within a short period of emeggéree predicted probability for this
activity increased from 0.10 (at one standard dmnabelow the mean) to 0.91 (at the mean
value of organizational emergence). The delayitmairsales may result from significant lead
times necessary to create and sell capital intermioducts. Receiving regulatory approvals
may also increase the time between initial orgagizctivity and generating sales. However,
once the developed products obtain their approirat&gl sales occur shortly afterwards.

New ventures in professional services followgquaamning anddevelopment prior to
sales (PDPSprocess (Figure 4.2b). In this sector, activitieshsas creating financial
projections, developing and marketing the senaog, securing supplies occurred early in
the organizing stage. The changes in predictedatibties from o to +o ranged from 0.32
to 0.50 for these activities and were among thdlestaf the nine activities, indicating their
early occurrence in the emergence process. Punthdsasing, or renting
equipment/property occurred with initial sales latéhe emergence process. Starting a
professional services business may require lowalroverhead, such as conducting

operations within the founders’ homes. Howevergragrging firms generate sales, founders
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may open an office or secure additional equipm@hange in predicted probabilities from -
to +o was 0.75 for securing equipment/property and Go8 hénerating initial sales. In
general, the activities in the professional sew®ector occurred gradually, represented by
the flatter predicted probability curves.

Retail/wholesale ventures exhibited@mpressedactivity sequence (Figure 4.2c).
Seven of the nine organizing activities occurredyaa this sector, with changes in predicted
probabilities from g to +o of less than 0.50. The small changes in probalslitidicate an
accelerated pace in emergence for retail/wholesalaures. Ata, the predicted probabilities
for the seven activities were greater than 0.5fisplay five of the seven activities in Figure
2c (product development, property acquisition, iteey acquisition, generating sales, and
establishing supplier credit). Initial sales ocedrthe earliest, compared to the other three
sectors.

In contrast to the rapid pace of retail/wholesagtures, consumer/support services
ventures displayed axtendedrganizing sequence and emerged at a much slager p
(Figure 4.2d). Changes in predicted probabilitiesergreater than 0.60 in eight of the nine
activities. Founders in consumer/support servieggwres projected financials early but took
more time to organize. After some initial plannitiggse founders may have proceeded
informally by slowly formalizing their concepts. tAbugh not shown, five additional
activities occurred nearly at the same probalslitigth the three activities (securing supplies,
generating sales, and acquiring credit) shown guté 4.2d. Given the longer timeframe,
founders of these ventures delayed committingtioik to their new ventures. For example,
a nascent entrepreneur could be working full-tin@élevstarting a business during the

evenings or on weekends. Among the four indusseators, founders secured raw materials
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and other supplies the latest. The change in petijgrobabilities (0.66) was highest among
the four sectors. This may indicate evidence ofegméneurial bricolage, as resource
constrained founders “make do” with existing resesrto build their businesses (Baker and
Nelson 2005).

| found partial support for a relationship betweeganizing time and emergence.
New venture age had a statistically significantifpas relationship on achieving only one
dimension (inter-organizational exchange) in therail model. The multiple group analysis
revealed a statistically significant relationsmpwo situations. In consumer/support services
ventures, organizing time had a positive relatigms¥ith achieving the inter-organizational
exchange dimensiolys(= 0.16). By combining these results with the sequencingamation,
founders in consumer/support services venturesanoally benefit from lengthy organizing
timeframes. Entrepreneurial inertia may providestheascent entrepreneurs opportunities to
secure adequate resources or test their concdfitsesly to increase their likelihood for
creating a viable new firm (Ruef 2006). In retalilesale ventures, organizing time had a
negative relationship with achieving the goal otaion dimensiony; = —0.18). Given the
rapid organizing pace of retail/wholesale ventufegnders may not formally complete the
planning and development activities associated thighdimension. In the remaining sectors,
founders did not appear discouraged from continuiagk on their start-up attempts over an
extended period of time.

DISCUSSION

In this paper, | proposed an emergence frameveoekplain how founders organize

their new ventures within the context of the firnreation process. Based on properties of

organizations developed by Aldrich (1979) and Kaid Gartner (1988), | described three
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dimensions of organizational emergence: goal aateort, boundedness, and inter-
organizational exchange. | developed a measuremedeé| that links latent characteristics of
new organizations with nine organizing activitissodserved indicators. With a multi-
dimensional approach to examining organizationahébng, | provide an alternative to using
single founding events or founders’ self-evaluatbmrganizing status to mark firm creation.
The organizational emergence framework also prevadeontinuous measurement option for
marking progress made by founders during the orgragnistage. A continuous measure
provides a richer, more nuanced understandingaof-8p processes of emerging
organizations over discrete event indicators. @cmeasures may provide empirical
convenience in some situations (e.g., archival)datawever, using discrete indicators can
censor partially operating organizations that haeefully emerged. | also explored the role
of two temporal characteristics, the length of oigeng time and sequential properties of
organizing activities.

Using data from the PSED, | tested this processainaidemergence. Three results
stood out. First, the organizational emergence éwank exhibited good model fit across
four industrial sectors. Second, sequencing prasedf organizing activities differed across
industrial sectors. Manufacturing/transportaticartstips displayed evidence of early
marketing and resource mobilization activitiesriStg attempts in professional services
revealed early planning and development actiontiRReholesale ventures organized
quickly, while consumer/support services ventumggmoized over a much longer timeframe.
Third, organizing time partially affected organipai@al emergence in the retail/wholesale and

consumer/support services sector. These resulgderan empirical extension to Katz and
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Gartner’s (1988) proposal for identifying and exaimg properties of emergent
organizations.

Given the limited support for a relationship betwéength of organizing time and
emergence, researchers who study organizing presesing the PSED may not be
hampered by left-truncation issues related to dmjjagn time. Some have argued that the
sampling strategy to identify nascent entreprenenmgloyed in the PSED overlooked
shorter organizing efforts (Gartner, Carter, angiriéds 2004a). To address this concern,
researchers could define an “organizing window” ardude any organizing efforts that
began outside of this window. For example, Delnmal Shane (2004) restricted their
analyses to ventures that initiated their orgagiaativities within 24 months of the initial
interview. Without conclusive results on the redaghip between organizing time and
emergence, researchers using an organizing windloge valuable information (by
dropping cases) and potentially define their orgiaigi window arbitrarily.

The organizational emergence framework does ndtoitkpintegrate two commonly
studied start-up processes: social organizatiorbasthess planning. When conducting
social organization activities, founders may retootiner collaborators by offering equity in
the new business, hire initial employees, and sa&ps to establish a human resources
infrastructure (Aldrich and Ruef 2006; Hannan aneefan 1989). Although Ruef (2005)
found evidence of social organization occurringgpto operational start-up, founders may
only conduct these activities when starting certgpes of businesses, such as capital
intensive manufacturing start-ups that requireificant labor. In the PSED, approximately
1/3 of nascent firms hired an employee during e year observation period and 85

percent of new businesses had only one or two @vRer most newly operating firms,
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social organization activities may either occueatirganizations fully emerge or in the case
of solo or two person ventures, may not apply lat al

Scholars have debated the role and impact of bssiplanning in the organizing
process. Castrogiovanni (1996) suggested that éssiplanning does not lead directly to
founding outcomes, but instead, generates bersefts as creating a communication vehicle,
developing organizational knowledge and identifyapgrational efficiencies. Honig and
Karlsson (2004) argued that coercive and mimesttutional pressures encourage nascent
entrepreneurs to write business plans. Delmar &aehéS(2003) reported that business
planning positively affects the survival of new uges. The organizational emergence
framework does not explicitly include an indicator completing a formal business plan, but
relies on activities such as financial planninggdurct development, and market promotion
activities that a formal planning exercise requires

| describe four limitations to this study and nsdings. First, incorporating additional
observed indicators of organizing activities magvde additional substantive insights.
Although the nine activities used in the measurdamesdel exhibited good model and
component fit, integrating other organizing actestinto the model may provide additional
insights. Further testing within industrial groupay lead to more nuanced models
incorporating industry specific activities (e.gppdying for patent protection in technology
oriented businesses).

Additionally, due to lack of measures in the PSHI®, measurement model does not
specifically integrate direct indicators of legiiwy and other institutional-related activities
for the boundedness dimension. Depending on thdateyy setting of the nascent firms,

using indicators such as legal incorporation anglri®ss licensing to measure firm
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boundedness may lead to different conclusions eséguencing of boundary creating
activities. In certain regions of the United Statesscent entrepreneurs may operate as sole
proprietors or in general partnerships withoutgliany incorporation papers with their local
governing entities. Approximately 50 percent ofaeag entrepreneurs in the PSED reported
sole proprietor status, raising the importanceasitextualizing the use of firm registration as
a start-activity indicator. In their study of newdinesses in Munich, Germany, Briderl,
Preisendorfer, and Ziegler (1992) pointed out rye20l percent of their original sample
(created from firm registrations) were not intentede active businesses, but were created
to take advantage of local tax deductions. Djargoal. (2002) described how firm
registration processes differed substantially betwegions in their study of 85 countries.
Second, similar to other studies on organizingvéss, | relied on organizing
activity information based on their first occurren®elmar and Shane 2004; Lichtenstein et
al. 2005; Ruef 2005). Measuring activities at fosturrence serves as a first approximation
to alternative methods of mapping these organiatttyities to time, such as frequency of
and intervals between occurrences (Ancona et @il 2For recurrent organizing activities,
using first occurrence may not capture the fuleexof how emerging organizations achieve
a threshold level of development within each dini@msActivities such as resource
acquisition or generating sales may occur slowlgarly stages of development but may
intensify subsequently. Capturing such informatould deepen the theoretical
understanding of the emergence process, but reqouimsderable additional data collection.
Additionally, organizing time may have a differeatationship with emergence because of
the inclusion of repeated activity occurrencesngsirst occurrence to mark recurrent

activities also may lead to measurement error mesoases. For example, respondents who
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initiated new ventures as improvisational foundingsy have purchased equipment or
supplies closely associated with their previousupetions. To address this concern, |
reviewed the cases for any inconsistent respoonsi® toccurrence of start-up activities. |
described these steps in Appendix A.

Third, | used industrial sectors based on two dNgMCS industrial codes. Although
sequencing properties differed among the four itrdsectors, the broad industrial
categories may have obscured unique features offigggopulations within the sectors.
Focused population-level studies may yield addéionsights. For example, studying a
sample of emerging organizations in one sectonallimr a comparison of sequential
properties among diverse organizational forms withe sector. In these focused studies,
additional relationships between organizing timd amergence may emerge.

IMPLICATIONS AND FUTURE DIRECTIONS

Using an emergence framework to study the orgagigiage makes two important
contributions to organizational theory. First, byatjgregating the founding process into
distinct stages, researchers can probe more claséhg transitions between stages and the
factors that impact these transitions. From thispective, analysis of emerging
organizations connects multiple streams of reseiarehtrepreneurship and macro-
organizational behavior. Researchers can improg@itacision of how determinants of
entrepreneurial entry contribute to mechanismsaipeting the organizing stage and
dynamics of organizational growth and survival.ngsa structural modeling framework,
researchers can examine the impact of exogenotmwdgsuch as resource availability or
environmental conditions) on transitions betweeltiple stages concurrently. In these

models, organizational emergence would act astanvening variable and impact
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subsequent outcome measures such as new venttosrmerce and survival. This approach
also enables researchers to avoid selection hilhaemay lead to inaccurate conclusions if
sampling designs do not account for all actorssétfor the transition outcomes (Aldrich
1999). Because organizing time does not influeticen@erging organizations, studies in
certain industries that rely on pre-defined orgemgjzimeframe should consider the impact of
excluding attempts that have taken longer to omgani

Second, the emergence framework spurs new intatfmes$ of existing accounts of
firm founding processes and complements existiegarch on other stages of the founding
process (Chiles et al. 2004). Examining the ad#izithat occur during the organizing stage
provides opportunities to join macro-level thearakipropositions of organizational founding
with micro-level foundations and processes (HararahCarroll 1992). For example, age-
dependency theories derived from Stinchcombe’sH)LB&bilities of newness thesis contain
two opposing arguments (Carroll and Hannan 200&3klof resources, organizational
knowledge, and legitimacy support a negative agedéency argument, while imprinting
and structural inertia provide an alternative pesiage-dependency explanation. However,
these existing explanations depend on a singlediogrevent to mark firm establishment.
When applying a multi-dimensional emergence franrgpalternative explanations become
apparent. The liability of adolescence explanasioggests that organizations encounter
greater disbanding pressures after depleting imésources (Briuderl and Schussler 1990;
Fichman and Levinthal 1991). From an emergenceopetisve, the lower disbanding rate
among younger organizations may highlight thosengpts still progressing in the organizing
stage. Once firms emerge completely out of theroegag stage, age-dependency reverses as

operating firms encounter competitive pressurekiwitheir populations. The emergence
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perspective provides opportunities to combine cdmgexplanations for age-dependency

across multiple stages in the founding process.
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CHAPTER 5: CONCLUSION

In this dissertation, | examined how Stinchcoml§@365)liabilities of newness
argument applied to the emergence of new firmsiriguhe period of organizational
emergence, founders face the task of expandingrieaivorks beyond their strong ties in
order to acquire external entrepreneurial knowlealy other forms of support. | addressed
two research questions — the role of founders’ stppetworks and founders’ ability to
acquire external knowledge — based on Stinchcondrgisment. | also pursued a third
research question — developing a multi-dimensiapaloach to identifying emerging
organizations — to revisit the assumption usedrggmizational scholars that firm foundings
are discrete events. In this concluding chaptesmimarize my findings, discuss limitations
encountered, and outline future extensions torégearch.

In the introductory chapter, | outlined three enwail challenges encountered by
researchers who study the processes of emergenesvifirms. First, researchers should
identify founders and their emerging firms earlytheir start-up process to reduce the impact
of survivor bias in their analyses. Second, reseascshould collect in-depth information on
both founders and their new businesses to understan founders’ characteristics influence
the development of their businesses. Third, rebeascshould track progress of these new
ventures and their founders over time. | used #reePStudy of Entrepreneurial Dynamics
(PSED), a random sample of 830 nascent entrepremetite United States, collected in four
waves between 1998 and 2003 to examine these chsgaestions. The PSED was designed

to address these three empirical challenges.



In Chapter 2 (“Too Close for Comfort”), | exploredw founders form their support
networks from which to solicit assistance, advarsg] other forms of backing during the
start-up process. | drew from social capital anda@xchange theories to hypothesize that
founders are more likely to work with their strotmgs due to norms of reciprocity that guide
these relationships. | also hypothesized that fetsidsho work with weak and indirect ties
can benefit from their negotiated exchanges. | doilmat founders work closely with one
subset of their strong ties: family members. Asrtbimber of family ties among owners and
supporters increases, founders were more liketyutotheir new ventures.

In Chapter 3 (“Rounding out the Team”), | examimeav founders’ human capital
guides their acquisition of external entreprenddmawledge. Based on human capital
theory, | hypothesized that as founders’ humantahipicreases, they are less likely to solicit
general knowledge, but more likely to solicit spiedinowledge externally. | also relied on
social capital theory to hypothesize that foundeesmore likely to solicit entrepreneurial
knowledge from their professional colleagues. nidthat founders relied on their specific
human capital and looked to business associatestearyers to seek external knowledge.
Founders who received external knowledge in thefof advice and business services were
less likely to quit their start-up efforts.

In Chapter 4 (“Open for Business”), | developedtrrdimensional approach to
identifying emerging organizations as an alterreatipproach to discrete events used by most
organizational scholars. | developed propertiesesy organizations — goal orientation,
boundedness, and inter-organizational exchangem- $ociological definitions of

established organizations. | linked organizing\aitgs to these latent dimensions of
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organizational emergence as observed indicatoragUilsis multi-dimensional model, |
found that emergence processes differed acrosstimalisectors.

Although the survey design used in the PSED adddessveral empirical challenges
faced by entrepreneurship researchers, | encounteue broad limitations in my dissertation
work. These limitations were industry heterogengitthe sample; lack of complete network
information; assumption of a linear developmentagktctory; and sample attrition over time.
| describe these four limitations and possible esitens for future research in further detail.

First, because it relied on an individual-level géing strategy, the PSED contains
information across a wide range of industries. Blyzing this sampling design, the PSED
avoided the difficulties of identifying nascent mgreneurs within specific industries and
allowed for analysis to generalize to the entiregd$ulation. However, some organizational
scholars have argued that cross-industry samplegplamate analyses due to the inability to
control for unobserved heterogeneity associateld mitltiple industries (Carroll and Hannan
2000). According to this perspective, researchdrs eonduct industry-specific studies can
generate deeper insights by controlling for theedbity of organizational form. To assess
whether results remain consistent, researchersdweplicate their industry-specific studies
across other industries to develop more generabbsdrvations. In future research,
industry-specific studies of nascent entreprenmag be used to expand findings generated
from the randomized sampling design. These focataties can also provide opportunities
to explore specific emergence processes that dyeaeavant to particular organizational
populations, such as fulfilling legal guidelineshighly regulated environments. Focused
studies may also be more appropriate when examstarttup processes in firms that

represent new organizational forms. However, deoto conduct these focused studies,
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appropriate methodologies are required to idemig&gcent entrepreneurs and their organizing
efforts in early stages of emergence, especialprgfe samples are required for analyses.

Second, although the PSED collected responderasi tend support network
characteristics, it did not capture additional retinformation on the respondents’ broader
social and professional network. Although my anedyimdicated that founders relied heavily
on their existing direct ties, it is not clear tbav extent these direct ties form the basis of
their entire social network. In future researchyihg additional network information such as
direct reports from alters, directional ties inf@ton, and relationship history information
(i.e., did alter work with founder on a prior stafg) may reveal additional insights into how
and on what basis founding teams and their sup@ivtorks emerge.

Recent network studies utilize empirical settirgssh as large, multi-national or
multi-divisional corporations that have well-defthikoundaries and sufficient potential
social ties among members to test various soctalork theories (e.g., Burt 2005; Hansen,
Mors, and Lavas 2005). This type of bounded settirsyitable for exploring questions of
entrepreneurial innovation and knowledge trangfervever, identifying bounded empirical
settings to collect extended networks for nascetrepreneurs may be more difficult.
Several possible approaches can be consideret].reEgsarchers can expand the ego-based
data collection design used in the PSED. In addit@ocollecting information on up to five
co-owners and five additional helpers, interviewaagh of these alters directly will likely
provide researchers with additional informationhanv founders develop collaborative
partnerships during the start-up process. Secoldwing in the tradition of early network
studies, researchers may identify a “community&uatrepreneurs, such as those affiliated

with business incubators, local trade associatimatsistrial parks, or economic development
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districts. Using their affiliations with these drgs, researchers can explore to what extent
founders’ extended ties overlap one another andolleehese ties play in supporting their
start-up efforts. Third, researchers can employpehsampling approach to identify
founders and their extended networks in a particelgion by initially sampling key network
brokers, such as lawyers, bankers, and accour(tdoBherson 2001). After identifying the
entrepreneurs, researchers can follow up with ardetail network survey soliciting
information on their collaborators. The objectiidlese alternate data collection strategies
is to gather additional information on the comgositand content of founders’ extended
networks and track any changes to these networkstowe.

Third, the PSED survey design assumed a linearla@vent trajectory for new
ventures. From this perspective, once a partiarganizing activity occurred, the PSED did
not record any subsequent progress on this patiaativity accomplished during the
emergence process. For example, in terms of gemgsles, the PSED did not collect
information on whether ongoing revenues were geeeérafter the initial sales occurred. In
future research, repeated measures on organiziivifias and other indicators of ongoing
progress would be necessary to explore a more engphergence model. With this
additional information, researchers can test tlesoof organizational learning and
developmental feedback. For example, do intra-aegdional learning mechanisms observed
in established organizations also apply to settigsre organizational infrastructure
continues to emerge? Or do founders have oppokand experiment as their new ventures
develop or are start-up pressures too signifiaaepend limited resources in this way?

To capture this additional level of detail, reséars may opt to employ an inductive,

gualitative approach to establish baseline prosessd pretest possible questions for a
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survey-based study. For example, when meetingfaithders, researchers can request
current financial statements, marketing programesket research, and other materials that
provide ‘real-time’ assessment of the new ventudes’elopment (e.g., Lichtenstein, Dooley,
and Lumpkin Forthcoming). Researchers can alsdaasiders to journal their progress (e.qg.,
in an online blog or written diary) and note anyelepmental challenges as they occur. To
increase the efficiency of this approach, reseascimay elect to select cases based on certain
industries to take advantage of their relativetatprtimeframe. For example, retail start-ups
are more likely to progress rapidly and may reqaistrategy to capture progress more
frequently compared to capital intensive manufastuventures.

Fourth, due to sample attrition, PSED users mkst $¢eps in their longitudinal
analyses to accommodate missing data. Althoughiderable effort was made by the survey
research firm to minimize the number of lost regfnts, the PSED achieved just below 75
percent retention of the original respondents atstircond interview and retained slightly
more than 50 percent at the fourth and final ineaw Without these data, researchers would
need to employ multiple imputation techniques talgre a complete sample.

To improve sample retention in future panel stydiesearchers can pursue two
strategies: reduce the interval between interviemegs modify the criteria that qualifies
individuals as nascent entrepreneurs. The PSEactuat respondents at approximately 12
month intervals. Given sufficient resources, moeg|ient interactions with founders would
likely reduce sample attrition and improve foundegsall of key information. For example,

a replication of the PSED in Sweden contacted med@ats every six months during a two
year period and achieved over 90 percent respatsdar each wave (Delmar and Shane

Forthcoming). More frequent interviews can leadproved respondents’ recollection for
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time sensitive information regarding their new weas’ progress and individuals with whom
they collaborated.

A second approach to improving sample retentido ieodify the criteria that qualify
respondents for the survey. The PSED’s four-paera provided researchers with an initial
approach to identify and qualify nascent entrepuenidn order to qualify, respondents
reported being in the initial stages of startinguainess, undertook some activity within the
last twelve months, anticipated majority ownershipd did not generate positive cash flow
for more than three months. The definition of “Btay a business” was not pre-defined and
supplied to the respondents. Thus, some respond&ythave interpreted this statement
more broadly than what researchers may have intehae example, based on reviews of
gualitative responses to a question on why respuediecided to pursue starting their
businesses, a number reported that the busineasgr@@m question was also considered a
hobby for the respondents. Because respondenthavaysold a few projects to friends and
neighbors, the hobby may be construed as a flegiglisiness venture and consequently,
respondents would qualify for the survey. Howetee, respondents may simply intend to
continue as a hobbyist. Additional analyses ofréspondents who dropped out of the
sample, especially those who only completed thelnnterview may yield common
characteristics that can be used to improve thi@itleh and the qualifying criteria of
nascent entrepreneurs in future research.

Some questions still remain unresolved. First, githee liability of newness
associated with working primarily with close tiesan founders establish more optimally
configured support networks? What are the ante¢gatenesses that allow founders to form

these ideal-type networks? Can founders avoidiibdity by acting “strategically” in their
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network development? Second, by using the multiesisional approach to identifying
emergent organizations, how would results from joevresearch on age-dependency of
organizations change? Hannan & Freeman (1992: 09y d&knowledged that exploring
issues related to founding processes contributieetémicro-foundations” of organizational
ecology theory. Because of data limitations, thémited to difficulties in developing these
micro-foundations and thus favored macro theorgrtgsvith population-level data. By
using the multi-dimensional approach to identifymeyv firms, new interpretations of
survival trajectories may emerge, especially dutiregr earliest periods of firms’ existence.

Third, do founding processes remain consist aaragtiple forms of entrepreneurial
action? As a representative sample of nascentgrtreurs in the United States, the PSED
captured information on founders whose motivatemged from part-time supplemental
work on their new ventures to joint work with a gpe as a potential ‘life-style’ business to
full-time pursuit of a successful business oppatyumhus, does founders’ initial motivation
affect the processes they undergo to launch tlegituves? Does it also explain why some
founders persist in their pursuit of business opputies? For example, five percent of
founders reported that their first activity on thairrent ventures occurred 12 years or earlier
prior to their interview. Although most entreprenghip research tends to focus on quick
starters, examining entrepreneurial activity withihifecourse framework may help explain
how entrepreneurial entry may coincide with otlifertransitions (Aldrich and Kim 2007).
Thus, individuals who ‘tinker’ with a business opfumity may also need to delay entry in
order to accumulate sufficient financial resources/ork experience.

To conclude, founders encounbabilities of newnesas they transform their

business concepts into viable, operating new basag Due to relationships in which they
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are embedded, founders rely on their strong tiesdpport and expertise. As Stinchcombe
(1965) predicted, founders face the risk of failfitdey rely solely on the convenience of
soliciting assistance through these relationstipsure research, especially in terms of
focused, industry-specific studies, may yield addal insights into how Stinchcombe’s

argument applies to emerging organizations and fbending processes.
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Table 1.1: Strengths and Limitations of Data Source for Studying Entrepreneurs

Data Type Data Sources Strengths to Limitations to Selected Citations
Studying Studying
Entrepreneurs Entrepreneurs
Longitudinal National » Observations of « Restricted to Evans and Jovanovic
Surveys Longitudinal transitions into certain (1989)
Surveys; Panel self-employment  populations Evans and Leighton
Study of Income over time (e.g. White, (1989)
Dynamics * Ability to model Young Men) Fairlie (1999)

Tax Records

Census

Social Surveys

Businesses

Survey of
Entrepreneurs

Internal Revenue o

Service Tax
Returns

Current
Population
Surveys

General Social
Surveys

Characteristics of ¢
Business Owners; e

Dun and
Bradstreet

Panel Study of
Entrepreneurial

Dynamics (PSED) .

delayed impact
of key variables
(e.g., financial)
Ability to study

intergenerational

effects
Assess specific

variables related

to legal
formation of
start-up and
financial
resources
Ability to study
impact of wage
earnings on the
decision to be
self-employed
Rich
demographic
information over
time

Large samples
Over-sampling
of females and
minority groups
Industry specific
analytical
capabilities
Targeted at
entrepreneurs
Specific
measures of
background
characteristics

Samples size
reduces over
time due to
attrition
Cohort effects

Lack of key
control
variables, such
as race and
education

Quality of wage
data raises
complications
in analysis

Not focused on
entrepreneurs

Selection bias
towards
examining
existing
businesses

Comparison
group not
sampled from
primary sample
of nascent
entrepreneurs

Holtz-Eakin et. al.
(1994)

Devine (1994)
Fairlie and Meyer
(1996)

Butler and Herring
(1991)
Hout and Rosen (2000)

Bates (1997)

Gartner et. al. (2004b)
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Table 2.1: Descriptive Statistics for Founding Teanand Support Network Characteristics

Std.
Variable Mean Dev. Min Max 1 2 3 4 5 6 7 8 9

1 Number of supporters (total) 209 436 O 50 1.00

2 Number of supporters (kin) 0.46 088 O 5 0.35* 1.00

3 Number of supporters (non-kin) 097 131 O 5 0.18 * -0.051.00

4 Team size 1.69 090 1 5 -0.05 -0.07* -0.13* 1.00

5 All male team 043 049 O 1 000 -0.11* 0.13* -0.21* 1.00

6 All female team 0.25 043 O 1 006* 016* 0.08* -0.33* 9.4 1.00

7 Mixed gender team 0.05 022 0 1 005 004 -004 033* -6.20.13* 1.00

8 Teams with spousal pairs 028 045 O 1 -0.08* -0.06 -6.20.38* -0.53* -0.35* -0.14* 1.00

9 Number of non spousal kin ties (team) 0.21 093 O 10010. 0.08 * -0.03 0.52 * -0.11 * -0.07 0.24 * 0.07 1.00
10 Team age heterogeneity 267 467 0 2758 -0.07 -0.0309+0.0.60* -0.10* -0.19* 0.28* 0.15* 0.43*
11 Ethnic diversity (team) 0.08 0.28 O 1 -0.07 -0.08* -0%090.26 * -0.08 * -0.13 * 0.10 * 0.17 * -0.02
12 Primary/manufacturing start-up 0.15 036 O 1 -0.04 $0.0-0.04 0.04 0.10* -0.15* 0.01 0.03 0.03
13 Retail/wholesale start-up 025 043 O 1 -0.01 0.03 -0.0D.04 -0.08* 0.08* 0.01 0.01 -0.02
14 Consumer services start-up 0.34 047 O 1 0.05 0.00 -0.a.01 -0.02 0.00 -0.04 0.04 0.02
15 Business services start-up 026 044 O 1 -0.02 -0.02 5 0.00.02 0.02 0.04 0.02 -0.08 * -0.02

16 Proportion with start-up experience (team) 0.47 50.40 1 0.04 0.02 0.09 * -0.03 0.06 0.04 0.01 -0.11* -0.03
17 Average industry work experience (team) 809 819 00 5001 -002 002 -0.05 0.09* 000 -0.02 -0.08* -0.03
18 Organizing time (months) 43.55 56.21 0.36 472.21 0.04.040 0.01 -0.10* 0.04 -0.05 -0.02 0.02 -0.03
19 External sponsor 0.13 033 O 1 012* 004 0.09* -0.02 0.0D.03 -0.03 -0.02 -0.03
20 Average relationship length with supporters 11.8157 0 5450 0.03 0.58* -0.41* 0.02 -0.12* 0.01 0.09 0.09* 2%
21 Total business discussions with supporters 26.085350 320 0.19* 0.36* 0.03 -0.05 0.02 0.08 0.05 -0.14* -0.02
22 Teams with more than five supporters 0.08 027 O 1 06.70.23* -0.16 * -0.02 -0.01 -0.01 0.05 -0.01 -0.01

#Variables 1 - 19 based on n=776; Variables 20 b&2d on n=487
* p<0.05
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Table 2.1: Descriptive Statistics for Founding Teanand Support Network Characteristics (Continued)

Variable

9 Number of non spousal kin ties (team)
10 Team age heterogeneity
11 Ethnic diversity (team)
12 Primary/manufacturing start-up
13 Retail/wholesale start-up
14 Consumer services start-up
15 Business services start-up
16 Proportion with start-up experience (team)
17 Average industry work experience (team)
18 Organizing time (months)
19 External sponsor
20 Average length of relationship with advisor
21 Total business discussion with advisors
22 Teams with more than five advisors

10 11 12 13 14 15 16 17 18 19 20 21 22
1.00
0.16 * 1.00
0.06 -0.03 1.00
0.02 0.06 -0.24* 1.00
-0.02 0.01 -0.30 * -0.41 901.
-0.05 -0.04 -0.25* -0.3H43* 1.00
0.03 80G.00.07 * -0.09 * -0.01 0.03 1.00
0.07 0.00 260.-0.12 * -0.05 -0.03 0.15* 1.00
-0.09 * 0.02 0.08 * -0.04 0.050.09 * 0.03 0.27 * 1.00
0.04 -0.05 -0.07 0.09 * -0.06 0.02 0.0®.07-* -0.09 * 1.00
0.04 00. 0.09 0.04 0.01 -0.11* -0.03 0.13* 0.18 * -0.11 * 1.00
-0.08 -0.0%.09 * -0.02 -0.04 -0.01 0.13* 0.02 -0.06 0.06 0.10* 1.00
-0.04 0.04 0.04 .060 0.04 -0.02 0.03 0.07 0.09* 0.03 0.05 0.17* 1.00

#Variables 1 - 19 based on n=776; Variables 20 b&2d on n=487

* p<0.05



Table 2.2: Negative Binomial Regression Models ougport Network Size

Model1 Model2 Model 3

Total Kin Non-Kin
Team size -0.11 -0.59* 0.01
[0.09] [0.17] [0.10]
Team age heterogeneity -0.03* 0.01 -0.01
[0.02] [0.02] [0.02]
Number of non spousal kin ties 0.12* 0.36** 0.02
[0.07] [0.09] [0.07]
Teams with spousal pairs -0.23 0.29 -0.69**
[0.20] [0.23] [0.15]
Mixed gender team 0.53 0.72* -0.35
[0.33] [0.35] [0.31]
Mixed race team -0.47* -0.49 -0.35
[0.22] [0.33] [0.26]
Primary/mfg/trans start-up -0.29 -0.24 -0.26
[0.18] [0.24] [0.18]
Retail/wholesale start-up 0.03 0.18 -0.08
[0.16] [0.19] [0.14]
Consumer/support services start-up 0.24 0.15 -0.09
[0.18] [0.19] [0.13]
Proportion with start-up experience 0.18 0.14 0.20
[0.15] [0.15] [0.11]
Average industry work experience 0.01 0.00 0.00
[0.01] [0.01] [0.01]
Organizing time (In) 0.06 0.02 0.06
[0.06] [0.07] [0.05]
External sponsor 0.72* 0.23 0.34*
[0.24] [0.20] [0.13]
Constant 0.48* -0.25 -0.11
[0.22] [0.33] [0.23]
a 1.30* 1.32=  0.88**
0.17 0.23 0.13
-2LL -1452.74 -682.80 -1028.72
DF 13 13 13
X2 51.60 28.95 52.06

®Robust standard errors in brackets; n=776
one-tailed test for independent variables; twiedatest for control variables
*p <0.05

**p<0.01
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Table 2.3: Negative Binomial Regression Models ofofal Number of Business
Discussion with Supporters

Model 1 Model 2
Length of relationship with supporters (mean) 0.02* 0.00
[0.01] [0.01]
Number of supporters (total) 0.07*
[0.04]
Number of kin supporters 0.50*
[0.07]
Number of non kin supporters 0.14*
[0.05]
Team size 0.10 0.13*
[0.08] [0.08]
Number of non spousal kin ties on team -0.09 -0.14*
[0.08] [0.07]
Teams with spousal pairs -0.69* -0.49*
[0.15] [0.16]
Primary/Mfg/Trans Start-up 0.36 0.41
[0.23] [0.21]
Retail/Wholesale Start-up -0.01 -0.01
[0.17] [0.15]
Consumer/Support Services Start-up 0.06 0.12
[0.17] [0.15]
Proportion with start-up experience (team) 0.47* 0.39*
[0.13] [0.12]
Average team industry work experience (team) -0.01 -0.01
[0.01] [0.01]
Organizing time (In) 0.00 0.02
[0.05] [0.05]
External sponsor 0.35* 0.37*
[0.15] [0.14]
Teams with more than 5 supporters -0.13 0.41*
[0.36] [0.17]
Constant 247 2.09*
[0.25] [0.25]
a 1.33* 1.21%
0.09 0.09
-2LL -2024.95 -2002.32
DF 13 14
%2 69.96 114.80

®Robust standard errors in brackets; n=487:

one-tailed test for independent variables; twiedaest for control variables

*p <0.0f
**p<0.01
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Table 2.4: Piecewise Exponential Models of Suppoletwork Characteristics

Model 1 Model 2
Venture age: -5.91*% -5.93**
0 - 12 months [0.40] [0.39]
12 - 24 months -5.11% -5.13*
[0.35] [0.35]
24 - 48 months -4.87* -4.89*
[0.34] [0.34]
48 months + -5.27* -5.29*
[0.32] [0.31]
Number of supporters (total) -0.12* -0.15*
[0.04] [0.05]
Team size 0.12 0.15
[0.12] [0.12]
Team age heterogeneity 0.04* 0.05*
[0.02] [0.02]
Number of non spousal kin ties (team) 0.11
[0.08]
Number of total kin ties 0.05*
[0.03]
Teams with spousal pairs -0.67* -0.76**
[0.22] [0.23]
Number of business discussions 0.01* 0.00*
[0.00] [0.00]
Mixed gender team -0.88* -0.91*
[0.46] [0.46]
Mixed race team 0.35 0.34
[0.33] [0.33]
Primary/Mfg/Trans Start-up -0.16 -0.17
[0.30] [0.30]
Retail/Wholesale Start-up 0.16 0.14
[0.23] [0.23]
Consumer/Support Services Start-up -0.01 -0.02
[0.23] [0.23]
Proportion with start-up experience 0.13 0.13
[0.19] [0.19]
Average team industry work experience -0.04** -0.04*
[0.01] [0.01]
External sponsor 0.86** 0.85*
[0.21] [0.21]
Teams with more than 5 supporters 0.54 0.59
[0.52] [0.54]
-2LL (x2) DF=19 -467.65 (3983.48) -466.9 (3987.89)

®Robust standard errors in brackets; one-tailedioestdependent vars; two-tailed test for contrats
*p < 0.05; ** p <0.01; Spells=2846
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Table 3.1: Descriptive Statistics for Human Capitaland Knowledge Contributions from Founding Team andSupport Network

Variable Mean SD Min Max 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
1 Technical/Vocational 0.06 023 O 1 1.00

2 Some college 036 048 O 1 -0.19 1.00

3 College graduate 024 042 O 1-0.14 -0.42 1.00

4 Post college 014 035 O 1 -0.10 -0.31 -0.23 1.00

5 General work experience 889 803 O 60 0.04 0.03 -0.07 1-0.a.00

6 Managerial experience 805 819 O 53 -0.03 -0.04 0.0322 -0.12 1.00

7 Industry work experience 818 9.03 0 53 0.03 -0.01 -0.08.12 0.17 0.35 1.00

8 Helped start other bus 043 050 O 1 0.02 -0.02 0.0312 -0.01 0.27 0.14 1.00

9 Current business owrler 021 041 O 1 0.01 0.00-0.08 0.07 0.04 012 0.10 0.17 1.00
10 Current business owrfer 011 031 O 1 0.00 0.03 0.02 0.02 -002 0.01 0.06 0.62.18 1.00
11 Current business owrier 014 035 O 1 -0.04 -0.07 0.10 -0.07 0.02 0.05 0.07 0.12 -0.21 -0.14 1.00

12 Bus start-up course 042 049 O 1 0.06 0.05 0.04 0.02 -0.0%2 0-0.03 0.09 0.00 0.07 -0.01 1.00
13 Primary/manufacturing 015 035 O 1 0.00 0.00.13 -0.01 0.04 0.11 0.18 0.05 0.12 -0.03 0.04 -0.06 1.00
14 Retail/wholesale 025 044 O 1 -0.04 0.010.11 -0.06 0.03 -0.03 -0.12 -0.05 -0.04 0.00 -0.01 0.02-0.24 1.00
15 Consumer/support services 034 047 O 10.10 -0.05 -0.03 -0.02 -0.03 -0.02 -0.04 -0.05 0.00 0.02 -0.04030-0.29 -0.41 1.00
16 Professional services 027 044 O 1 -0.07 0.05 0.0309 -0.02 -0.03 0.02 0.05 -0.06 0.00 0.03 0.0®.25 -0.35 -0.43 1.00
17 New venture age (months) 43.34 55.83 0.36 472 0.02 -0.0303- 0.07 0.09 0.06 0.27 0.04 0.06 0.07 0.03 0.00 0.10 -0.05 0.04 -0.08
18 External sponsor 0.13 034 O 1 0.02 -0.06 0.04 0.01 -0.0510:0.09 -0.01 0.08 002 -0.07 0.07 -0.07 0.09 -0.05 0.02
19 Team size (net) 0.74 095 O 4 -0.01 -0.02 0.06 0.68.07 0.05 -0.04 -0.06 -0.08 -0.05 -0.01 -0.12 0.05 -0.06 -0.01 0.03
20 Support network size (total) 207 431 O 50 -0.03 -0.05060. 0.02 -0.05 -0.02 -0.01 0.04 0.01 0.04 0.02 0.05 -0.07 0.007 -0.02
21 Teams >5 supporters 0.05 022 O 1 -0.04 -0.02 0.00 0.031-0.0.02 0.04 0.02 0.02 0.01 0.05 0.04 -0.02 -0.03 0.05 -0.01
Not working for anyone elséworking for others less than 35 hours/wedkprking for others 35 hours/week or more * p<0.05 (in bold)
17 18 19 20 21
17 New venture age (months) 1.00
18 External sponsor -0.08 1.00
19 Team size (net) -0.09 -0.02 1.00
20 Support network size (total) 0.040.12 -0.06 1.00
21 Teams >5 supporters 0.07 0.05 -0.05 0.70 1.00
Variable Mean SD Min Max 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
Team Members Contributions & Relationships (n=379)
22 Information/advice 119 085 O 4 -0.07 0.02 0.060.14 -0.09 -0.01 0.02 0.02 -0.10 -0.02 0.09 -0.01 0.04 -0.09 -0.@p11
23 Business training 071 076 O 4 0.02 0.03 0.06 0.01 -0.0701-0.0.03 0.04 -0.03 0.03 0.07 0.06 -0.04 -0.06 -0.0a.14
24 Business services 060 070 O 4 0.01 -0.0#.13 0.07 -0.01 0.05 0.11 0.09 0.00 -0.02 0.11 0.01 -0.01 -0.02 -0.05 0.08
25 Start-up experience 070 082 O 4 -0.04 -0.08®.15 0.06 -0.08 0.18 0.11 0.26 -0.06 -0.06 0.11 -0.06 0.02 -0.05 -0.04 0.08
26 Industry experience 754 705 O 37 0.04 -0.05 0.00.12 0.01 041 0.75 0.12 0.13-0.01 -0.01 -0.06 0.25 -0.12 -0.07 -0.02
27 Team member (spouse) 053 050 O 2 0.03 0.07 -0.10 -0.0819 0.01 0.03 -0.05 0.08 0.02 0.03 -0.01 -0.01 0.02 0.07 -0.08
28 Team member (family) 025 063 O 4 -0.06 0.00 0.08 -0.01030.-0.10 -0.10 -0.07 -0.01 -0.03 0.03 -0.01 -0.02 -0.01 0.02 0.01
29 Team member (bus assoc) 025 061 O 4 0.03 -0.02 -0.018 -0.11 0.19 0.17 0.12-0.06 0.07 0.02 0.03 0.05-0.10 -0.05 0.11
30 Team member (friend) 034 072 O 4 0.00 0.02 -0.03 0.06 6-0.0.06 -0.02 -0.01 -0.07 -0.07 0.01 0.01 0.03 -0.05 -0.0590.0

31 Team member (stranger) 009 046 O 4 -0.05 -0.00.20 -0.01 -0.08 0.03 0.01 0.06 -0.08 0.01 -0.00.13 -0.04 0.04 -0.14 0.15
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Table 3.1:

22 Information/advice

23 Business training

24 Business services

25 Start-up experience

26 Industry experience (avg)

27 Team member (spouse)

28 Team member (family)

29 Team member (bus assoc)

30 Team member (friend)

31 Team member (stranger)
Variable Mean
Advisor Contributions & Relationships (n=478)

32 Information/advice 220 1.35
33 Business training 1.09 1.16
34 Business services 0.53 0.81
35 Start-up experience 1.48 1.22
36 Supporter (spouse) 0.14 0.35
37 supporter (family) 0.60 0.95
38 Supporter (bus assoc) 0.63 1.05
39 Supporter (friend) 1.03 1.18
40 Supporter (teacher) 0.10 0.37
41 Supporter (stranger) 0.06 0.49

32 Information/advice

33 Business training

34 Business services

35 Start-up experience
36 Supporter (spouse)
37 Supporter (family)

38 Supporter (bus assoc)
39 Supporter (friend)

40 Supporter (teacher)
41 Supporter (stranger)

33 Business training

34 Business services

35 Start-up experience
36 Supporter (spouse)
37 Supporter (family)

38 Supporter (bus assoc)
39 Supporter (friend)

40 Supporter (teacher)
41 Supporter (stranger)

0

0
0
0
0

0
0
0
0
0

SO  Min Max

5

5
5
5
1

5
5
5
3
5

Descriptive Statistics for Human Capitabnd Knowledge Contributions (Continued)

17 18 19 20 21 22 23 24 25 26 27 28 29 30 31

-0.01 -0.01 0.84 0.04 0.04 1.00

0.00 0.03 054 0.04 0.04 058 1.00

-0.02 0.02 042 0.05 0.04 0.40 0.39 1.00

-0.03 0.06 059 0.05 0.06 048 044 0.36 1.00

0.18 0.04 0.06 0.00 0.05 0.080.14 0.12 0.18 1.00

0.15 0.02 -0.26 -0.02 0.02 -0.27 -0.23 -0.11 -0.23-0.10 1.00

-0.01 -0.030.41 0.06 0.04 033 024 020 0.20-0.01 -0.21 1.00

-0.02 0.09.33 0.01 -0.06 031 0.26 0.10 0.26 0.20 -0.40 -0.15 1.00

-0.11 0.01 048 005 0.04 043 0.17 025 0.23-0.01 -0.36 -0.06 -0.09 1.00

-0.04 0.000.41 0.01 0.02 032 031 0.15 0.39-0.01 -0.15 -0.07 0.10 -0.05 1.00

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
0.01 -0.03 0.03 0.05 0.00040.-0.03 0.11 -0.02 0.10 0.07 0.12 -0.09 0.01 0.05 0.01
0.05 0.01 -0.01 -0.02 0.02000.-0.05 0.07 -0.07 0.13 0.03 0.17 -0.07 0.01 -0.04 0.08
0.01 0.02 0.04 0.07 0.054 011 0.21 0.02 0.05 0.02 0.08 -0.01 -0.06 0.01 0.06
0.05 -0.03 0.05 0.01 O0.0211 0.04 0.12 -0.04 0.16 0.07 0.11 -0.10 0.05 -0.02 0.05
-0.03 -0.08 0.05 0.01 -00M4 -0.03 0.01 -0.03 -0.04 0.00 -0.05 -0.04 0.04 -0.08 0.09
-0.02 0.04 -0.08 -0.0®.14 -0.02 -0.10 -0.02 0.05 0.03-0.10 -0.03 -0.04 0.03 0.08-0.09
0.06 -0.06.09 0.02 0.03 010 0.05 0.07r -0.02 0.09 0.08 0.07 0.00 0.06 -0.04 -0.01
0.00 0.00 -0.04 0.0p.09 0.00 0.04 0.06 -0.02 0.04 0.06 0.01 -0.07 -0.05 0.05 0.05
0.00 -0.05 0.02 0.08 0.060100.04 -0.04 -0.10 -0.01 -0.03 0.09 -0.01 -0.07 0.01 0.06
-0.03 -0.02 0.04 0.05204.06 -002 013 0.05 -0.04 0.04 -0.02 0.05 -0.07 -0.080.12

17 18 19 20 21 22 23 24 25 26 27 28 29 30 31 32

0.09 0.08 -0.14 0.47 047 -0.10-0.05 -0.07 -0.09 -0.04 0.04 -0.08 -0.08 0.130.17 1.00

0.06 022 -0.10 0.32 0.23-0.07 0.04 -0.01 -0.09 -0.06 0.00 -0.06 0.00 0.10 0.0a58

0.12 0.0 0.06 0.06 0.14 0.06 0.14 0.16 0.10 0.11-0.11 0.04 0.10 0.12 0.010.33

0.09 0.09 -0.17 0.47 0.39 -0.15 -0.12-0.08 -0.04 0.02 0.08 -0.04 -0.05 -0.030.17 0.65

-0.02 0.00 -0.13 0.04 0.06 -0.09 -0.08 -0.08 -0.10 -0.01 -0.27 0.07 -0.08 0.23 -0.05 0.10

0.06 -0.02 -0.01 0.24 0.22 -0.01 -0.03 -0.05 -0.01 -0.040.14 0.18 -0.21 -0.15-0.08 0.18

0.00 0.16 -0.01 0.26 0.18 0.00 0.02 0.00 0.03 0.05 -0.020.16 0.33 -0.15 0.19 0.35

0.08 -0.04 -0.06 0.20 0.24 -0.05 -0.03 0.02 -0.07 0.02 -0.09 -0.0e0.14 0.43 -0.05 0.46

0.02 -0.06 -0.04 0.06 0.10 -0.05 -0.03 -0.06 -0.05 0.01 0.14 -0.02 -0.07 -0.07 0.1815

0.01 0.00 0.10 -0.04 -0.03 0.06 0.10 -0.02 0.15 -0.01 -0.11 0.05 0.05 -0.060.37 -0.06

33 34 35 36 37 38 39 41

1.00

0.35 1.00

0.42 0.19 1.00

0.06 0.10 -0.01 1.00

0.06 0.11 0.08 0.03 1.00

0.32 019 040 -0.12 -0.22 1.00

0.18 0.03 0.29 -0.08 -0.24 -0.21 1.00

0.15 -0.02 0.08 0.02 -0.08 -0.03 -0.07

-0.06 -0.05 -0.08 -0.05 -0.07 -0.07 -0.05 1.00



Table 3.2: Negative Binomial Regression Models ofoeinding Team and
Support Network Size

Model 1 Model 2
Net team member Advisory Network Size
Technical/Vocational 0.33 -0.44
[0.20] [0.29]
Some college 0.30* -0.12
[0.13] [0.19]
College graduate General 0.48** 0.21
Human [0.14] [0.23]
Post college Capital 0.48** 0.17
[0.18] [0.20]
Work experience (Net mgr exp) -0.01 -0.01*
[0.01] [0.01]
Managerial experience 0.01 -0.01*
[0.01] [0.01]
Industry work experience — -0.01 0.01
Specific [0.01] [0.01]
Helped start other businesses Human -0.17* 0.13
Capital [0.10] [0.13]
Current business owner -0.29* 0.06
(Not working for anyone else) [0.13] [0.17]
Current business owner -0.28* 0.17
(Working for others less than 35 hours/week) [0.15] 0.17]
Current business owner -0.08 0.19
(Working for others 35 hours/week or more) [0.17] 1[@.
Completed business start-up course -0.33** 0.17
[0.10] [0.12]
Primary/mfg/trans start-up 0.18 -0.17
[0.15] [0.18]
Retail/wholesale start-up -0.22 0.03
[0.14] [0.14]
Consumer/support services start-up -0.07 0.38*
[0.13] [0.16]
External sponsor -0.04 0.64**
[0.14] [0.21]
New venture age (In) -0.03 0.06
[0.04] [0.05]
Net team members -0.13*
[0.07]
Constant -0.12 0.32
[0.19] [0.25]
-2LL (DF) [x2] -893.58 (17) [44.74] -1483.62 (18) [42.34]

®Robust standard errors in brackets; n=792
*p < 0.05* p < 0.01; one-tailed test for indeplemt variables; two-tailed test for control varesbl
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Table 3.3: Logistic Regression Models of Knowledgéontributions by Founding Team and Support Network

"a": Team Members
"b": Support Networ

la

General Knowledge

1b'

Information & advice

2a

2b

Business training

3a

Specialized Knowledge

3b

Business smvi

4a

4b

Start-up experience

Technical/Vocational -0.41 -0.49 0.36 -0.3 0.73 0.27 -0.41 0.01
[0.50] [0.69] [0.44] [0.39] [0.51] [0.47] [0.50] [0.35]
Some college 0.33 0.06 0.13 -0.18 0.37 0.56* -0.56* 0.07
[0.38] [0.33] [0.30] [0.25] [0.30] [0.32] [0.34] [0.23]
College graduate General 0.51 0.25 0.04 -0.46* 0.85** 0.62* -0.09 0.15
Human [0.42] [0.40] [0.34] [0.26] [0.32] [0.32] [0.37] [0.25]
Post college Capital 0.50 0.09 -0.27 -0.48* 0.54 0.52 -0.95* -0.3
[0.57] [0.39] [0.39] [0.28] [0.37] [0.36] [0.46] [0.28]
Work experience (Net mgr exp) -0.01 0.01 -0.01 0.01 0 20.0 0 0.01
[0.02] [0.01] [0.01] [0.01] [0.01] [0.01] [0.01] [0.01]
Managerial experience -0.03* 0.00 -0.01 0 -0.01 0.01 0.03* 0.02*
[0.02] [0.02] [0.02] [0.01] [0.02] [0.01] [0.02] [0.01]
Industry work experience Specific 0.00 -0.03* 0 -0.01 0.03* 0.01 010. 0
Human [0.02] [0.01] [0.01] [0.01] [0.01] [0.01] [0.02] [0.01]
Helped start other businesses Canpital -0.01 0.42 -0.07 0.18 0.19 0.69** 1.25* 0.27
[0.32] [0.28] [0.23] [0.17] [0.23] [0.18] [0.24] [0.17]
Current business owner 0.21 0.26 0.47* -0.22 0.38 -0.07 3 -0 -0.11
(Not working for anyone else) [0.38] [0.34] [0.27] 2] [0.28] [0.24] [0.32] [0.22]
Current business owner 0.27 0.04 0.38 0.26 0.02 -0.04 -0.5 0.35
(Working for others less than 35 hours/week) [0.42] 0.38] [0.33] [0.25] [0.33] [0.25] [0.34] [0.24]
Current business owner 0.43 0.58 0.48 -0.02 0.51* -0.12 .03-0 0.12
(Working for others 35 hours/week or more) [0.41] 4[). [0.32] [0.22] [0.29] [0.26] [0.32] [0.23]
Completed business start-up course 0.14 0.58* 0.43* 6*0.4 0.09 0.2 -0.05 0.09
[0.26] [0.25] [0.22] [0.16] [0.21] [0.18] [0.22] [0.16]
Team member: Family 0.01 -0.85* 0.19 -0.75
[0.62] [0.42] [0.43] [0.56]
Team member: Business associate 1.18* -0.12 0.03 0.04
[0.64] [0.46] [0.45] [0.60]
Team member: Friend/acquaintance 0.44 -1.07* 0.18 -0.45
[0.59] [0.45] [0.44] [0.58]
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Table 3.3: Logistic Regression Models of Knowledgéontributions by Founding Team and Support Network(Continued)

"a": Team Members la 1b 2a 2b 3a 3b 4a 4b
"b": Support Networ Information & advice Business training Business smvi Start-up experience
Supporter: Family -0.25 0.5 1.52 -0.33
[0.28] [0.85] [1.19] [0.73]
Supporter: Business associate -0.30 0.95 1.35 0.64
[0.26] [0.85] [1.22] [0.74]
Supporter: Friend/acquaintance 0.66 0.96 0.17
[0.85] [1.16] [0.72]
Supporter: Teacher/counselor 0.89 1.88* 1.19 1.37
[0.79] [0.97] [1.23] [0.84]
Primary/mfg/trans start-up 0.61 0.56 -0.26 -0.1 0.01 0.01 0.38 -0.1
[0.48] [0.37] [0.34] [0.31] [0.31] [0.31] [0.34] [0.26]
Retail/wholesale start-up 0.35 0.17 -0.05 -0.36 0.14 50.3 0.28 0
[0.33] [0.30] [0.26] [0.20] [0.28] [0.25] [0.31] [0.20]
Consumer/support services start-up 0.54 0.59* 0.02 3-0.3 0.17 -0.04 0.44 -0.05
[0.34] [0.29] [0.26] [0.19] [0.27] [0.22] [0.27] [0.22]
External sponsor -0.21 0.53 0.19 0.92** 0.04 0.44 0.47 0.13
[0.31] [0.43] [0.30] [0.22] [0.35] [0.25] [0.31] [0.23]
New venture age (In) 0.31* -0.01 0.13 0.08 -0.03 0.13 90.1 0
[0.15] [0.11] [0.11] [0.07] [0.11] [0.09] [0.12] [0.07]
Net team members -0.07 -0.17 -0.06 0 -0.16 0.23** 0.17 80.1
[0.13] [0.14] [0.10] [0.09] [0.09] [0.08] [0.11] [0.09]
Support network size -0.02 0.03* -0.09** 0.05*
[0.02] [0.01] [0.03] [0.02]
Teams with more than 5 supporters 0.36 -0.59 0.65 -0.34
[0.43] [0.31] [0.39] [0.33]
Constant 0.11 1.60** 0.28 -1.27 -0.99 -4.01** 0.11 -0.14
[0.76] [0.57] [0.61] [0.91] [0.61] [1.28] [0.73] [0.79]
Observations 541 1190 542 1188 542 1190 531 1115
-2LL -237.55 -396.06 -359.52 -763.9 -355.91 -574.6 -321.7 {BB5.
DF [x2] 21[19.89] 23[40.37] 21[28.36] 24[69.90] 21[22.51] 24[88]  21[65.24] 24[60.32]

®Robust standard errors in brackets; one-tailedfdeshdependent variables; two-tailed test fortcohvariables; tReference category is Friends/Aduence
* **
p<0.05*p<0.01



Table 3.4: Piecewise Exponential Models of Organizianal Knowledge Characteristics

Models 1 2 3 4
Venture age: -6.21**  -6.27*  -6.20" -5.49%
0 - 12 months [0.29] [0.29] [0.29] [0.34]
12 - 24 months -4.94%  -4.99%  -4.94%  -4.21%
[0.19] [0.20] [0.20] [0.26]
24 - 48 months -4.78%*  -4.82%* 4777 -3.96%
[0.17] [0.17] [0.17] [0.25]
48 months + -5.30" 533" 528"  -4.34*
[0.18] [0.17] [0.18] [0.27]
Team members provided information or advice -0.23* 0.24*  -0.33*
[0.12] [0.13] [0.12]
Team members provided business training 0.12 0.12 0.17
[0.15] [0.15] [0.14]
Team members provided business services -0.50** 6*0.4 -0.43*
[0.14] [0.14] [0.14]
Team members have start-up experience 0.11 0.13 0.13
[0.11] [0.11] [0.12]
Supporters provided information or advice 0.03 0.04  040.
[0.08] [0.08] [0.09]
Supporters provided business training 0.12 0.1 0.1
[0.08] [0.09] [0.09]
Supporters provided business services -0.24* -0.20* .14-0
[0.10] [0.11] [0.11]
Supporters have start-up experience -0.08 -0.09 -0.03
[0.09] [0.09] [0.09]
Technical/Vocational -0.57
[0.38]
Some college -0.02
[0.18]
College graduate -0.18
[0.21]
Post college -0.03
[0.23]
Work experience (Net mgr exp) 0
[0.01]
Managerial experience 0.01
[0.01]
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Table 3.4: Piecewise Exponential Models of Rate Qfuitting on Organizational
Knowledge Characteristics

Models 1 2 3 4
Helped start other businesses -0.2
[0.14]
Current business owner -0.85**
(Not working for anyone else) [0.18]
Current business owner -1.21**
(Working for others less than 35 hours/week) [0.26]
Current business owner -0.86**
(Working for others 35 hours/week or more) [0.22]
Completed business start-up course -0.34*
[0.13]
Average team industry work experience -0.03**
[0.01]
Primary/mfg/trans start-up -0.26 -0.25 -0.26 0
[0.21] [0.21] [0.21] [0.22]
Retaillwholesale start-up 0.16 0.14 0.15 -0.01
[0.16] [0.17] [0.16] [0.18]
Consumer/support services start-up -0.05 -0.05 -0.03 02 0.
[0.17] [0.17] [0.17] [0.17]
External sponsor 0.67*  0.64*  0.67**  0.75*
[0.15] [0.16] [0.15] [0.15]
Number of net new team members 0.42=  0.23*  0.42** @4
[0.08] [0.06] [0.08] [0.09]
Support network size -0.05 -0.04 -0.05 -0.06
[0.03] [0.04] [0.04] [0.06]
Teams with more than 5 supporters 0.02 0.13 0.08 0.16
[0.46] [0.41] [0.44] [0.54]
Observations 3703 3703 3703 3703
-2LL -721.66 -729.17 -718.73 -666.47
DF 15 15 19 31
X2 6907.39 6726.17 6976.36 6817.17
#Robust standard errors in brackets; one-tailedfbeshdep endent variables; two-tailed test forteohvariables
*p <0.05
*p <0.01
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Table 4.1: Descriptive Statistics of Latent Variabés and Observed Indicators

(N=807, Mean SD 1 2 3 4 5 6 7 8 9 10 11 12 13 14
Goal Orientation (n,)
Developec
Iy product/service 0.82 0.38 1.00
Started marketing ¢
Y2 product/service 0.88 0.33 0.39* 1.00
Created financis
ys projections 0.76 0.43 0.25* 0.21* 1.00
Boundedness,)
Filed Federal incom
4 Ya tax return 0.68 047 045* 0.35* 0.39* 1.00

5 ¥s Opened bank account  0.75 0.43 0.37* 0.34* 0.37* 058* 1.00
Established supplie
6 Yo credit 0.70 0.46 0.32* 0.24* 036* 0.38* 042* 1.00
Inter-organizational Exchange f3)
Generated revenu
7 y; from sale of
goods/services 0.84 0.36 0.47* 047* 0.34* 0.48* 0.45* 0*331.00
Purchased, lease
8 yg rented equipment,
facilities, property 0.84 0.37 0.32* 0.36* 031* 040* @4 034* 042* 1.00
Purchased ra
9 yo materials, inventory,
supplies, components  0.92 0.27 0.31* 039* 0.22* 0.30*00:30.25* 0.41* 0.39* 1.00
Industrial Sector
Manufacturing/Transi

10 rimary 0.14 0.35 0.04* -0.02 0.06* 0.07* 005* 0.11* 0.01 6.6 0.03* 1.00

11  Retail/Wholesale 0.25 0.43 0.06* 0.05* -0.01 -0.01 0.03*110* 0.04* -0.01 0.05* -0.24* 1.00
Consumer/Suppo

12 Services 0.34 0.47 -0.04* -0.01 -0.01 -0.02 0.00 -0.03 -0.0D.00 -0.06* -0.30* -0.42* 1.00

13  Professional Services 0.26 0.44 -0.05* -0.02 -0.02 -0.03.08* -0.16 * -0.03 * -0.04 * -0.02 -0.25* -0.35* -0.43* 1.00
Organizing Time
(Months) 43.30 55.47 0.02 0.00 -0.09* 0.03* -0.04* 0.01 0.04* 0.06*09* 0.10* -0.05* 0.04 * -0.08 * 1.00
Min 0.36
Max 472.21 * p<0.05
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Table 4.2: Organizational Emergence Model Fit Stastics

Fit Statistics Model 1 Model 2
Correlation Residuals (Mean) -0.01
Primary/Manufacturing/Transportation -0.01
Retail/Wholesale -0.02
Consumer/Support Services -0.01
Professional Services -0.01
CFlI 0.99 0.99
TLI 0.99 0.99
1-RMSEA 0.96 0.96
x2 Value 54.16 87.51
Degrees of Freedom 23 64
P-Value 0.00 0.03

Model 1: Overall Model
Model 2: Multiple Group Analysis -
Thresholds and Loadings Free Across Groups
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Table 4.3: Factor Loadings, Component Fit Statistis, and Predicted Probabilities — Overall Model

Pr(y;=1)
when Ain
B A SE PAR 0 1 n=(0) n0 n=()| Pry=1) %A
LW @ B @ 6 6 O 6 (9) (10)] (11=10-8) (12

Goal Orientation 1.00 0.00
Y1 Developed product/service 1.00 0.00 1.00 0.59 0.41 -0.88 0.55 0.91 1.00 0.45 80.9%
Y2 Started marketing of product/service 1.03 0.07 1.03 0.59 0.41 -1.11 0.67 0.96 1.00 0.33 48.3%
Y3 Created financial projections 0.87 0.07 0.87 0.45 0.5%00 0.61 0.89 0.98 0.37 61.0%
Boundedness 1.07 0.065
Y4 Filed Federal income tax return 1.00 0.00 1.07 0.83 Ga@27 0.08 0.75 1.00 0.92 1131.4%
Y5 Opened bank account 0.98 0.04 1.05 0.79 0.21 -0.65 0.35 0.92 1.00 0.65 188.6%
Ye Established supplier credit 0.79 0.056 0.84 0.51 0.494-0.0.37 0.74 0.94 0.57 153.5%
Inter-organizational Exchange 1.13 0.065
y; Generated revenues from sale of

goods/services 1.00 0.00 1.13 0.82 0.19 -0.66 0.29 0.94 1.00 0.71 239.3%
ys Purchased, leased, rented equipment,

facilities, property 0.89 0.04 1.00 0.64 0.36 -0.65 0.40 0.86 0.99 0.59 146.4%
Yo Purchased raw materials, inventory,

supplies, components 0.88 0.06 0.99 0.63 0.38 -0.94 0.60 0.94 1.00 0.40 67.3%
Organizing Time (Ln Months) Y Operating Status

Goal Orientation -0.01 0.04 o 0.79

Boundedness 0.04 0.04 o’ 0.63

Inter-organizational Exchange 0.14 0.05

Note: All B, A coefficients significant at p<0.00il, significant at p<0.05.
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Table 4.4: Change in Predicted Probabilities of Adtity Occurrence by Industrial Sectors

Ain Pr(y;=1)
Total Primary/Mfg/ Profes;ional Retail/ ng;t;r;:r/
Trans Services Wholesale .
Services

Goal Orientation
Y1 Developed product/service 0.45 0.69 0.41 0.00 0.79
Y2 Started marketing of product/service 0.33 0.10 0.50 0.00 0.72
Y3 Created financial projections 0.37 0.31 0.46 0.33 0.30
Boundedness
Y4 Filed Federal income tax return 0.92 0.97 0.96 0.65 0.95
Y5 Opened bank account 0.65 0.61 0.80 0.36 0.62
Ye Established supplier credit 0.57 0.00 0.46 0.55 0.69
Inter-organizational Exchange
y; Generated revenues from sale of

goods/services 0.71 1.00 0.81 0.20 0.78
ys Purchased, leased, rented equipment,

facilities, property 0.59 0.34 0.75 0.40 0.65

Note: Calculations based on differences in predipt®babilities for one standard deviation abowe laelow the mean value of organizational emergence
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Figure 4.1: Organizational Emergence Model Path Digram
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Figure 4.2: Predicted Probabilities of Activity Ocairrences by Industrial Sectors
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Appendix A: Coding Start-Up Activities

Respondents reported whether 28 start-up acsvitteurred and the month/year of
the occurrence. Details on each activity appe&ariner et al. (2004b). | constructed a
variable,organizing timebased on the time between the first qualified-$ta activity and
the first interview. Several types of inconsisteisaexist with these start-up activity reports. |
created the following coding rules to address thesensistencies. First, | designated 25 of
the 28 activities as qualified activities for cdiding organizing time. | defined organizing
time as when a nascent entrepreneur conducts gpaat tangible actions towards the
creation of a new business. From the organizing talculation, | excluded when
respondents first started thinking about new venitiea and only referred to this date
selectively (see below). Survey questions askingmdnrespondent started taking classes
and began saving money to invest were poorly coaigtd and led to inconsistent reports. |
omitted these two activities in organizing timeocadtions as well.

Second, respondents in new ventures affiliated aitlexternal sponsor, such as a
multi-level marketing (MLM) firm or franchisor, mdyave attributed some start-up activities
to their sponsors. To ascertain any questionaliplertg, |1 reviewed the start-up activity dates
for these 51 cases and used their responses teeojole questions as cross-validation.
Nearly all respondents provided information onttispionsors. | compared the respondents’
reported dates with background information of theMMavailable through their websites. In
25 cases, the respondents provided informatiotectk® their external sponsors. Of these
cases, 20 respondents reported the founding dalbe &ILM as the date when their
ventures’ product/service was developed and inteigbes, when marketing activities

commenced or listing in a phone book occurred.tkrese cases, | recoded these activity
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dates to when the respondents first reported thgh&bout starting the venture. In five cases,
respondents used the MLM founding date to denotenvehstart-up team formed and
patent/copyright/trademark application filed. l@ded the activities as not having occurred
and their dates to missing.

Third, after making these changes, | also reviethedstart-up activity dates for the
top five percent of cases in terms of organizingeti | recoded dates in 13 cases because of

apparent coding errors.
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